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Abstract

The microfinance movement has gained a lot of maomermuring the past few decades
as a method to alleviate poverty in developing toes where the poor have been
overlooked by the formal financial banking sectbficrofinance is of greatest benefit to
the “poor entrepreneur” who can effectively put fimancing to use in their small
businesses. For those who do not have entrepiahabilities, microfranchising
presents a proven business model that can be ireptechat low cost to the individual.
In Accra, Ghana, one business that is participatingicrofranchising is Fanmilk.
Fanmilk uses individual vendors to sell their iceaon and yogurt treats. Results of a
2007 baseline survey of these vendors, as well'staad-alone” control group, show a
positive correlation between profitability and nufranchise ownership. In the process
of attaining these results, it was necessary teldpva model of variables that determine
profitability in small businesses in Accra. Futyears worth of data is needed to

demonstrate causation.
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Entrepreneurship versus MicroFranchising: A Baseline Study of Small

Business Owners and Fanmilk Vendors in Accra, Ghana

I. Introduction

Currently over 1.1 billion people live in extremeverty as defined by the last
World Bank’s estimate in 2001. Most of these pla@ in developing countries, where
some of the typical remedies for poverty toutedemeloped countries, education for
example, do not seem to suffice. What good isdac&ion when there are no jobs that
require more than a basic skill set and not evedlividual is a natural entrepreneur?
Without jobs requiring a higher level of skillsy}pu have created a supply of skills
where there is no demand for skills. And so thilssgo to waste--- with, say, highly
educated taxi drivers—or the skilled people emagtatrich countries[.]” (Easterly 2001)
So education alone is not enough; there must barketplace that provides economic
rewards for investment in human capital.

Is there a solution? Poverty is one of humanitydest problems and is much too
complicated to be resolved by a single solutioathBr we must try to address each root
cause one by one the best we can. This papergiiémevaluate microfranchising as a
solution to the poor’s lack of access to format@epbs in developing countries.

A. The Center for Economic Self-reliance and Microfrarchising

Brigham Young University’s Economic Self-reliancer@er, or the ESR Center,

funded this project. One of the ESR Center’s niatratives is the MicroFranchise
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Development Initiative. ESR states the followirsgtiaeir MicroFranchise mission
statement:

Our mission is to research and develop the corafapicrofranchising as an

economic development tool and to assist our pagraatitioners in the

establishment and refinement of MicroFranchisesregidhe world. Furthermore,
we intend to be the leader in the emerging fielchafrofranchising and develop
an arena for those who are either currently workindesire to participate in

microfranchising to operate. (ESR Center, 2007)

The broader goal of this research project is sinplgarn more about
microfranchising, the people it reaches and whathertruly beneficial. Specifically,
this research focuses on the Fanmilk microfraneisi$e Accra, Ghana. Who are these
Fanmilk microfranchisees and do they benefit frbia business model? Are
microfranchises in Ghana better businesses thapable stand-alone businesses? We
hope to be able to begin to address these questionggh this research.

B. Definitions

Before proceeding any further, we must define vebxaictly ‘microfranchising’ is.
According to the ESR Center, “[MicroFranchises lar@adly] defined as small
businesses that can easily be replicated by faligywroven marketing and operational
concepts... The key principle is replication, realing success to scale.”

There is another part of my research’s definitibmarofranchising that this

ESR definition leaves out. Here | consider miaafrhises as small, replicablermal

sectorbusinesses that are connected to a ldogeral company. The formal sector

P { Formatted

businesses that you will find in developing cowgrsuch as Ghana. “Informal” in this
context has no single definition, but all varyirgfiditions seem to refer to some sort of

exclusion, as in those profits earned in the infdraconomy are not included in GDP
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estimates, statistical coverage, unions, socialrggmor do they have access to
resources available to the formal sector. (Hensdguélerr 2005) In my research,
“informal” sector is synonymous with the self-emydd poor.

We must also define what we mean by “stand-aloe&tand-alone business is a
non-microfranchise business owned by an individéaktand-alone may be formal or
informal, may have access to credit or may not.stMx the stand-alones in my sample,
given the poverty of the microfranchisee demograjtt | interviewed and the desire to
find a comparable stand-alone control group, werallsinformal businesses with no
microcredit loans.

To research how microfranchising works among iber jin Ghana, we must
decide who exactly are the “poor” in Ghana? Ideming our sample we mainly focused
on those who started businesses requiring unddr Mg Ghanaian cedis startup
capital, or about $163 USD. This is a somewhaitrarly limit, but it was the simplest
way to quickly group people. It is important torrember this research took place in an
urban environment because startup costs are muar lo rural areas. One may argue
that an individual who has access to credit matzkigher initial startup cost without
necessarily being wealthier. However this didaanplicate our study, as it was very
rare to find someone who used microcredit for sfadapital. Most microcredit

borrowers used it to grow existing businessestmetart new businesses.

II. Hypotheses
As stated before, there are really two main gaestive hope to be able to answer

through this research.
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1) What are the characteristics of microfranchiseesrarw do they differ from

stand-alones and those with microcredit loans?

2) Are microfranchises a better business model foptwr than stand-alone

businesses, with or without microcredit?

The first question may be answered through simpéervation and frequency
analysis. However, the second question requitpsaai-experimental design since we
are unable to dictate who receives the microfrasgcbr microcredit treatment. To
establish any true causal relationships we haeentrol for those variables we believe
differentiate the treatment and control groups Afgllbw the individuals over a certain
time span. This paper is only the baseline anaipsa study that will collect further
information in the future. Therefore we do noeatpt to establish causality at this time.

First we must define what a “superior” businessTibe following are all
measurements that we will use to determine if argness is “superior” for the poorest
demographic in Ghana than another business: roét, 2) net profit per hour, 3) ROI
(net profit/startup), 4) inventory turnover, 5)ugt on assets 6) startup cost, and 7)
startup cost recovery time. These are our depénadeiables. My hypothesis is that the
microfranchise businesses will have a more faverahlue than stand-alone businesses
with or without microcredit for each of the sevdrevaluated the last two dependent
variables using simple frequency analysis, bufitisefive dependent variables required
linear regression. However, not all of these fiependent variables made sense in terms
of this regression. For example, there are sorsmbsses that have no assets other than

their inventory, which they pay for after they sellith the option to return unsold
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goods. In this way these businesses have a zeeblzance, or near-zero, at any given
time. In these cases the Return on Assets vanatiléd not make sense.

Equations 2.1 and 2.2 are representations of thethgsis regressions including
control variables. | will go through the selectimihneach of the independent variables in a

later section.

Yeusampe = Do + b, * MFR+b, * MCR+b, * SC+b, * SC* +b, * BA +h,* BA’

Eq 2.1
+b, *BA*G+b,* BA°*G+b,* BE+b,*E+Db,*G

EQ 22 Yyaeneasame = 0o + 0, ¥ MFR+b, * MCR+b, * SC+b, * OA+b, * BE

MFR=Microfranchising dummy, MCR=Microcredit dummy;8Jnadjusted Startup Cost, BA=Business
Age, G= Gender (1=male), OA=Owner’s Age at businésg,sBE=Business Experience (or the #of

businesses survived in the last 5 yrs), E=Educadi@mmy(or educated beyond secondary school)

Another related hypothesis, resulting from disaussiith Jason Fairboune of
BYU’s ESR Center, is how the above regressionimiahips change over time. We
believe that microfranchises work best for thoseate just starting out in business who
have little capital. The following chart, CharfL2represents our hypothesis of the

growth of a business over time given a specifictgpacost, all-else equal.
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Chart 2.1
Business Growth for a Given Startup Cost
Commercial
Market
Roadside
= Kiosk
o
a
Mobile
Mobile
Time
— Standalone —— Standalone w/credit Microfranchise

Chart 2.1 shows that the microfranchise is moréitate early on, but does not
have the same growth potential that a stand-alosméss does. Almost all the
microfranchises we interviewed were mobile, withtié option to grow into a small
kiosk. On the other hand, a stand-alone with dldniial startup cost may start as a
mobile enterprise but eventually grow to be a ki@skiore permanent market container
and theoretically even a commercial shop.

This does not take into account potential diffeemnini fail rates. Also, such
growth would require a very profitable business aray be unlikely. The study will
show this in the strong relationship between curpeofitability and initial startup cost.

It is more likely a business owner accrued savingsyas capitalized, to jump into a

higher business stage on this time line, than #utyally grew their business to that
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point. However, if we also find a connection betwdusiness age and profitability, we

may also deduce that it is possible for businessgsow as depicted by this model.

ll. Literature Review and Background

A. Microfinance

Microfranchising progresses naturally from themfinance movement with its

assertion that poverty can be alleviated by foausim the poor individually, from the
bottom-up. Microfinance provides the capital, amdrofranchising provides the
business model. A brief overview of microfinanseherefore appropriate.

In the United States it has been shown that tlseseclear correlation between
poverty and the business cycle. During economierdiorns, those who are bordering
the poverty line fall often below it. Howeverjstnot merely that recessions increase the
number of poor. Itis also understood that therpend to suffemorethan others when
the economy takes a turn for the worse, espedialfieveloping countries. The poor are
not able to accumulate assets and so are notneeltéd against economic shocks
(Agenor 2001).

Most of the impoverished in developing countriendb have public safety nets
to rely upon, nor do they have access to well-fionétg credit markets to borrow when
times get difficult. Therefore, they cannot suevisnemployment for long and are forced
to seek employment in the informal market. Thefaupply then increases in the

informal market and wages are suppressed.



Parsons 8

Thus, recessions and crises raise poverty in tlabect ways: directly by lowering
wages and increasing the rate of job losses anduimbder of "new" poor in the
formal sector; and indirectly, by lowering the gpiwage of those that are already
"employed" (or quasi-unemployed) in the informabeomy (Agenor 2002).
In developing countries, this “informal economy'wWsere most of the poor and even
many of the not-so-poor make their living.

Microfinance has its roots in the idea that poandatolds lack access to capital,
which prevents them from investing in their futbsegrowing a business. But they are
also unable to smooth their consumption duringssioas as described above. Access to
credit is a key part of a well-functioning econontyowever, the method of getting this
access to the poor has been a topic of hot debate.

In 1976, Mohammad Yunus, head of the Rural Econsfiogram at the
University of Chittagong in Bangladesh, initiategragram that would grow throughout
the country and spur NGO'’s and banks to actionuiinout the developing world. He
began extending credit to the very poor. Most gaple could not access credit
through conventional means (formal banks) becafibggh transaction costs per loan
size and lack of collateral.(Armendariz & Mordudb0B) The idea was that with access
to credit, the “poorest of the poor” could grow dnbaisinesses, begin to save money and
hopefully, one day, climb out of poverty. At thery least, access to credit can help
smooth the effects of market fluctuations for srhaksinesses and poor individuals
(Morduch 1995). Yunus's idea was not new, butrhéthodology was. He used a non-
governmental organization to conduct large scalépm-up lending that often
implemented group liability in place of collateral.

Access to credit was not non-existent before Ywstaged implementing this

method through the Grameen bank. Indeed, someviaaythe latest efforts in



Parsons 9

microfinance as simply a continuation of past @ffpolargely unsuccessful, to incorporate
the poor into formal financial markets. After WebAVar I, many state-owned
development banks attempted to encourage rural@awent through subsidized credit,
interest rate caps and allocated credit accordirigdcial targets”. These programs
proved disastrous and even repressive, as evidémdedia and the Philippines.
(Armendariz & Morduch 2005) David (1984) concludleat in the Philippines “credit
subsidies through low interest rates worsen incdisigibution because only a few,
typically well-off farmers, receive the bulk of adgecredit. When interest rates are not
allowed to reflect costs of financial intermediatiovealth and political power replace
profitability as the basis of allocating credit.”

So although efforts to incorporate the poor il formal financial sector in the
past have failed, that does not mean the poor haaecess to credit whatsoever. These
informal options include ROSCAs (rotating savings aredit groups), pawnshops,
moneylenders and family and friends. The maindiiaatage with these informal
finance methods is that the financing resourcesamstrained to that poor community,
whereas the formal sector’s resources are justushgreater.

So why would microfinance be more successful floamer formal attempts to
extend credit to the poor? This bottom-up apprdahbeen the most direct method to
target the poor’s lack of access to credit whiié alowing market forces, such as
interest rates, to work efficiently. Why would miinance be better for the poor than
existing informal options for obtaining credit? dvtbfinance has allowed greater access
to credit than that available from the ROSCA’s amaheylenders and usually at cheaper

rates. The poor have direct access to commeraré financing and funds donated by
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the developed world and it is an opportunity farthto finally be tap into global
financial markets at a much larger scale.

Unfortunately, many of the arguments in favor eémofinance cited above are
still unproven theories. Armendariz de Aghion akidrduch (2005) list four myths
about microfinance, the third of which states thatrofinance has been shown to be a
successful tool for poverty reduction. Althougkerhis no lack of anecdotal evidence in
support of microfinance Armendariz de Aghion andrtdech (2005) state, “ relatively
few rigorous studies of impacts have been completed the evidence on statistical
impacts has been mixed so far.” (p.4) The lackgarous analysis is due to the
numerous difficulties performing such research Whiequires significant resources and
time to obtain data, often through face to faceriviews requiring translators and travel
to and from developing countries.

And even in these difficulties are surmounted, éraae often problems with
selection bias, access to and participation in afiitance cannot be randomly assigned.
Also communication is an issue because each ingibichay have their own
interpretation of the question put to them.

One of the few rigorous studies performed to daie authored by Pitt and
Khandker (1998) for the World Bank. This analyséed household survey data from
Bangladesh to compare the change in consumptionzoteo-year span. Their
methodology was a quasi-experimental survey ddsaged on cross-sectional data that
was the result of a joint research project betwherBangladesh Institute of

Development Studies and the World Bank.
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Their study estimated that the marginal impact @frafinance on consumption
was an 18 percent increase for women and 11 peimenten (Pitt & Khandker 1998).
But this increase in consumption only does notifygmsuccessful exit from poverty.
Khandker (1998) estimates that if such impactsarsaemption were sustainable over
time, 5 percent of borrowers could lift themselees of poverty each year. Khandker
(2005) later used this same data to study the ggtgevillage-level impact of
microfinance on poverty.

He hypothesized that the aggregate impact of miwate on poverty would be
negligible because it is generally used to findoeereturn activities that have a low
market demand. He concluded, however, that oflagyetlevel access to microfinance
does contribute to poverty reduction (Khandker 2005

Aside from merely observing the benefit to the barer, there is also much
debate about the sustainability of microfinanag.onder to be sustainable, the risk-return
trade-off of an investment in microfinance musttbenparable to other investments. A
related discussion exists, as to whether Microftealmstitutions (“MFI's"—small banks
that extend microcredit) are filling a niche thatramercial banks have irrationally left
vacant (Anderson 2002). One side of the argumamsiders microcredit as a logical
extension of global financial markets to the pedrjle others consider microcredit to be
subsidized credit to the poor more akin to welfafbose who believe commercial banks
have irrationally avoided the sector contend thatfgoor are not necessarily riskier
borrowers. Those who assert that commercial baake behaved rationally in avoiding
lending to the poor believe that the poor are atgrecredit risk than higher income

borrowers, and they should therefore expect tdhggeer default rates among the poor.
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In conclusion, the potential benefits of microficarare many, but remain
unproven. Substantial positive anecdotal evidenxigts, but statistical research results
remain mixed.

B. Microfinance Outreach in Ghana

The terminology “poorest of the poor” has beerduse frequently in
microfinance literature that one could mistakeitpart of the definition of what makes a
loan “micro”. However, this is not the case. Acnoicredit loan is a small loan by the
standards of whoever is measuring it. The MFI8uded in a study by the Ghana
Microfinance Institutions Network (GHAMFIN) have enage loan sizes ranging from
USD $61 to $230 nationally. (However, it is uncledoether this is outstanding loan
size, the statistic usually reported by MFI's.itlis outstanding loan size, then the loan
size at inception was most likely much larger.)e3énumbers are averaged across all of
Ghana'’s regions, noting that Accra, the capital oftGhana and the location of this
study, is in the Coastal region, which showed #aestl poverty compared against the
national poverty index. MFI loans here, therefoneist be much larger than the national
average as the higher the income usually the hijtecloans. In fact, loan size has
become synonymous with the borrower’s poverty level

In Accra, we cannot categorically state that swetm$ are going to the “poorest of
the poor”. In fact, microfinance clients are oftest the “poorest of the poor”; rather
they are self-employed entrepreneurs with steaclynres.(Ledgerwood 1999) The point
is that microcredit need not conform to the imafja poor rural woman taking out a loan
for $50. In Accra the study focused on identifymécrocredit borrowers who fit the

profile of the “poorest of the poor” in an urbarveanment for comparison to the
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Fanmilk vendors (the microfranchisees). This tdroat to be much more difficult than
anticipate. Chart 3.1 gives a clue why.

Chart 3.1 Poverty Outreach by Quintiles
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50
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0 T T T T
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avyg avyg

m Coastal awg coastal
poverty index

Reproduced from GHAMFIN, 2007

If the population is divided by poverty into qulas, it is apparent that the
wealthiest 20% make up 34% of MFI clients, andwlealthiest 60% make up 84% of
MFI clients. The distribution skew is even morempounced on a national scale, as the
coastal region is the wealthiest. Using the nafipoverty scale would show that almost
half of MFI clients in Accra are in the wealthiggtintile of the country. The northern

region, where many of the Fanmilk vendors had eaégt from, is the poorest.
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C. MicroFranchising

Very few would argue that microfinance is a pamafoe poverty. It may be more
appropriately viewed as part of a multi-facetedtstyy to alleviate poverty. There are
many constraints faced by informal market entegstiaccess to credit is just one. Other
constraints are weak networks, low productivity ¢tuéabor-intensive production, poor
working conditions, limited resources and marketingited access to education and low
innovation, poor infrastructure, legal issues aigh revels of harassment by authorities.
(Henrigues & Herr 2005)

One of the main arguments that microcredit along beineffective is that it
usually requires a certain level of entreprenewatility on the part of the borrower.
According to a study by GHAMFIN, microfinance is'$t suited for the “entrepreneurial
poor”.’(GHAMFIN 2006) assumes that that individluwll be able to grow a business
with that money. But common sense dictates thett success doesn’t only depend on
access to credit, but rather also depends on tidgdmial. For those who aren't
entrepreneurs, microfranchising can be a solutemabse it provides a proven business
model to the individual and therefore does not iregan entrepreneurial skill-set.
(Fairbourne 2007)

Microfranchises can also address the issues alm@adyioned of weak networks,
poor working conditions, limited resources and na#rlg, legal issues and harassment.
A microfranchise is a way to tap into the formabeomy, linking the microfranchisee to
established networks, resource supply-chains amiletiag used by the parent company.
Companies that allow microfranchising may be sult@cegulation that provides

minimum standards on the working environment. lyashe formal company, by



Parsons 15

definition, will be operating legally which will &lnenticate the individual's activities in
the eyes of the law and help prevent harassmemtrigiees & Herr 2005)

The activities of the Accra Metropolitan Author{&kMA) are illustrative of these
last two points; legal authenticity and, conversblgrassment by authorities. The AMA
is responsible for clearing the streets of inforfilgitimate) businesses and forcing
them to register with the government so they ctndldaxed and regulated. Roadside
kiosks and mobile vendors are in such abundandetbg are often blamed for
congestion problems and car accidents and thegftae located in dangerous areas such
as near train tracks. As witnessed first hand,adribe AMA's chief tactics to achieve
this goal is to confiscate goods. (More than odoeing interviews with business
owners, an AMA officer approached the owner andk tlbof their goods, no questions
asked.) Such legal and harassment issues cougsblred by finding ways to
incorporate the individual into the formal economy.

Henrigques and Herr (2005) suggest franchising ea imechanism for upgrading
informal enterprises. Basically the same typendégorise that functions in the informal
economy can be formalized, simply by connectingiih a larger formal organization.
They describe two types of franchising, top-dowd bBottom-up. Top-down consists of
an existing organization contracting out their hess model to individuals. This is what
Fanmilk did by using vendors and agents as thstridution network. Bottom-up
consists of a group of small enterprises choosirjgih together in a cooperative to take
advantage of shared services.

Microfranchising, as implemented in Ghana by Fakpid not necessarily a

career path, but more likely a step to allow indirals with low or no capital to progress
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sufficiently to exit the franchise and move on ¢éone other more promising
opportunities. An exception to the rule is Prem@efiins, a Fanmilk vendor who
worked his way up to being a Fanmilk agent. Ha éareer microfranchisee. However
Prempeh is also an example of what the more conmmde is, saving up capital to start
another business. Prempeh eventually accumulatmahé capital to purchase a taxi.
John Hatch, president of FINCA, a microfinance N®@ljeves that there is an
opportunity for partnership between microfinancd aricrofranchising in this aspect.
(Hatch 2007) A microfranchise can be like a stgdb.

Hatch (2007) points out that according to the ma¢ipnal Labour Organization
(ILO), almost half of the unemployed worldwide gaung adults, a figure that has
doubled from a decade ago. A 2004 FINCA clienvsyrshowed that there was no
graduation from poverty across generations. Elengh a microfinance client’s
children may have the opportunity to stay in scHmetause of the parent’s economic
stability, this often did not translate into bettewrk prospects for the child. Only one in
six of clients’ children with partial or completecondary education were successful in
finding a job in the formal sector (earning 8% & da average); the rest were
unemployed or employed in informal sector (earr8fica day). Again this demonstrates
that if there are no formal sector jobs to be hlagln increased education cannot alone
solve the poverty problem. Hatch sees this agpportunity for microfranchising to
work with microfinance. (Hatch 2007)

D. Fanmilk Structure

One of Fanmilk’s main methods of ice cream distiitiuis their mobile vendors.

Fanmilk hires vendors directly through their depotsindirectly through Fanmilk agents.
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Each morning vendors pick up their ice cream inegnfrom either a depot or agent’s
store and return unsold ice cream from the prigr dehe depots also provide vendors
with bicycles and training. It is possible for @mdor to work his way up to being an
agent by accumulating enough capital to start Wis distribution center/shop, although
it is uncommon. Most vendors say they are eitheing their money to start their own
businesses independent of Fanmilk, or they arengawai continue their education.

Agents serve areas that are more remote than depbese agents are true
franchises. They are individuals who have enowggital to buy 1-2 freezers, rent/own a
shop and have either bought or made carts and lfoxéseir own vendors to use. The
median initial startup cost of the agents we iriamed was 400 New Ghana Cedis,
whereas the median startup cost for a vender wie20Ghana Cedis. The agents visit
Fanmilk depots to replenish their inventory andpai monthly commission from
Fanmilk.

Vendors working for agents earn similar profit masg but they are often worse
off than depot vendors because they do not havbitlyeles with coolers that the depot
vendors do. These vendors are selling from boaénbed on their heads or from carts
that they push. The occasional depot vendor upeslacart as well but only because he

cannot operate a bike. Most of the vendors ingsvedd were depot vendors.
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E. Entrepreneurship

The main focus of this paper is not to study #lationship of entrepreneurial
attributes to business type and success. Howemgepreneurship is a potential control
variable since those with entrepreneurial skillg/iba more successful than others in
certain businesses. This incorporates the idgastme business success must be
attributed to the individual and not just to thetalars of the business.

Literature on the matter suggests that there tgyaitive model of
entrepreneurship constituting a “global cultureofrepreneurship” meaning that
concepts discovered in one country should be abbe tapplied across other countries
including Ghana. (Mitchell, Smith, Seawright & Mer2000) This same research puts
forth the cross-cultural cognitive model used assis for the eight entrepreneurship
survey questions. The questions were includedptaa the characteristics that make
someone a natural entrepreneur, versus a non-egnep. The answers given to these
questions are tabulated and form the “entreprehgussore”.

The questions cover three “scripts”: arrangememilingness and ability.
‘Arrangements’ incorporates the individual’s resmg and environments; ‘willingness’
incorporates the individual's natural propensitywands entrepreneurship or what could
be described as desire and personality; ‘abilitgbrporates the individual's knowledge
base and opportunity recognition. (Mitchell, SmiBeawright & Morse 2000) Most of
the questions selected from this cognitive modete questionnaire were focused on
‘willingness’ for its applicability to the situatioof the individuals in Ghana, a

developing country. The original model was onlsteéel in developed countries.
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IV. Methodology

Although the ideal in quantitative research isiadomized experiment, for
various reasons it is not a plausible research edetiogy in most social science research.
This methodology requires a randomized sample itclwdubjects receive the treatment
at random. Conducting research with people, ibisatways possible nor ethical to
randomly assign each person to a control or treatigr@up. Also, such research
requires observation of pre and post-treatmentacaristics. This means sufficient time
must be allowed to pass and each subject mustilbg/éal-up on. Long-term
longitudinal data collection becomes very costhar these reasons, no long term
randomized experiments on microfinance have beaduwaied.

Given the purpose of the study is to learn abloaitenefits of microfranchising,
to avoid selection bias a comparison should be rhatleeen an individual running a
microfranchise and that same individual runningrtbe/n business of a comparable size
simultaneously. Of course, this is an unlikelyrsrgo. The best the study could do on a
larger scale is to identify microfranchisees, amghtidentify stand-alone business owners
that look similar in other respects to these mienoéhisees and compare their business
success. If there is some underlying variable ¢hases individuals to become a
microfranchisee as opposed to start their own legsinthen there may be selection bias.
This is a complication since the study could notéandividuals into either the
microfranchisee treatment group or control stamat@lgroup in a randomization process.

The study also seeks to learn how a microfranchisegpares to someone
receiving microcredit loans, so there is a thirchparison group, ‘stand-alone with

microcredit’.
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To judge the success of one group versus andtteestudy must observe how
their characteristics change over time. Obsergimyg a cross-section cannot lead to a
causal inference since it is unclear whether tteeoked characteristics are a result, or
rather a cause for each individual choosing a fipdmisiness model. For this purpose, a
follow-up questionnaire has been planned for im@etation during 2008. The results
discussed in this paper are only for the baselirestipnnaire in Ghana and therefore
cannot conclusively support claims of causation.

A. Questionnaire

The questionnaire (See Appendix\Bas designed by a group of BYU students,
Dr. Richard McClendon and the author to measurersgindications of business success
as described in the hypothesis section. Thesedtatis should not necessarily be
observed in isolation, but rather as a whole paipicture of each businegSee
Appendix A)

The questionnaire also included several questieased towards measuring the
financial well-being and socio-economic statushef individual. These indicators were
savings, total household income, money spent od &l on clothing, education, and
literacy.

One final section in the questionnaire dealt waithindividual’'s propensity for
entrepreneurship. These eight questions come drtarger survey by Mitchell, Smith,
Seawright and Morse, taken from their paper, Coodttral Cognitions and the Venture
Creation Decision, as described earlier. Thisegmaneurial variable needs to be
controlled for because business success canndtriteied solely to the business model

while completely excluding the individual’s perstityaor talents. Questions for the
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business and socio-economic status sections wedeletbafter The World Bank’s
Household Survey Household Enterprise module (G&&iewwe 2000) as well as
FINCA'’s (FINCA 2006) respectively.

B. Sampling

The questionnaire was administered in both GhadaBangladesh. These
countries were chosen because of their underdese@lsiatus as well as the known
existence of microfranchising. This paper onlyraddes the results found in Ghana.
Data from Bangladesh is forthcoming.

The questionnaire was administered to 301 indadglin Ghana between May 25
and July 10, 2007. Of these, 102 were microfresexs, 163 were stand-alone
businesses and 36 were stand-alones with micracrédithe 102 microfranchisees, 87
were Fanmilk vendors, 7 were Fanmilk agents ané&&won-Fanmilk based
microfranchisees. The reason so few stand-alosmésses with microcredit were
interviewed is microcredit borrowers in Accra tedde be of a much higher socio-
economic class. After about six weeks the inteveis had only found 15 microcredit
borrowers working among the stand-alones of thgetadlemographic. The study
ultimately determined that a population large eroteggsample did not exist. The study
then interviewed microcredit borrowers sourced tigiothe MFI's in Accra. These
individuals generally came from a different demgipia than originally intended. These
microcredit borrowers had more in common with tlerilk agents than with the
Fanmilk vendors, who are poorer.

Fanmilk vendors and agents were interviewed fiysgoing to three of the five

depots in the Accra area: Circle, Abossey Akai, Abdka. Every morning the vendors
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and agents arrived between the hours of 7:00 ariD0n to pick up their ice cream.
Interviewing lasted two to three days at each degead out over the course of two
weeks.

Once the interviews had generated a general iddeseafharacteristics of the
vendors, it was possible to efficiently target staones with similar traits. Fanmilk
vendors were typically male, in their twenties &ad a startup cost of about 20 new
Ghanaian cedis, or about $22 USD. Their businesses mobile and required very few
assets. The most comparable stand-alones weefdhemale street hawkers and very
small kiosk owners. These subjects were foundéhaxound the areas where Fanmilk
vendors also worked. Most notable were the makelisaaneshie and Makola. Certain
larger kiosks and shops were also interviewedphlyt later in order to have a
comparison group for the microcredit borrowersr &mample, the median stand-alone
business started with 50 new cedis, or about $52.Uhis is much lower than the
average stand-alone startup cost, which is 16&celthis number is skewed upwards by
the small group of larger stand-alones.

Startup cost is used as the measure of size fopangon in order to be able to
compare growth under different business modelsndJsurrent capital would ignore the
fact that one business may have grown quickly feosmall initial capital, whereas
another business may actually have lost money awud less capital now than what they
started with. Itis more appropriate to compare businesses that started with the same
amount and then judge how they have fared sinae the

Finally, the entire sample of microcredit borroweeosild not be found randomly

on the street (although 15 were). The remainderse fiound through visits with
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Darkuman Pentecostal Church Credit Union, Johnsgaisngs & Loan, and KAMCCU,
the credit union located at CUA, the Credit UniossAciation.

C. Analysis Procedure

One of the purposes of the questionnaire was tableeto build an ad hoc income
statement and balance sheet for each businessou@de these “financial statements”
would be very simplified as these businesses dtkandarge nor complex. The
guestionnaire would not be adequate to build firdrstatements for a larger
organization. For example, the questionnaire éxjadte to describe a Fanmilk vendor’s
business, but not adequate to describe the entfiedss of Fanmilk, the corporation.
The following is an example of an income statenast balance sheet compiled for
interviewee #2147, a small grocer who uses micaditte fund her business.

Charts 4.1 and 4.2

#2147 Income Statement for 2 weeks prior to July 12007

Sales Revenue 650
Cost of Goods Sold (gross profit margin%) *.1822
Gross Profit 118.40
Operating Costs: Rent 2.50
Labor 10.00
Transportation 1.10
Utilities 10.00
Net Income 94.84

#2147 Balance Sheet for 2 weeks prior to July 100@7

Assets Liabilities
inventory 1,500 microcredit loan 900
other assets 500 Equity 1,100

2,000 2,000
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This example is not typical of the businesses wrered, as the target businesses
were relatively smaller than business #2147. Nhadividuals had few assets and no
debt. Also, most Fanmilk vendors had no operativgjs.

With this information as well as the startup dosbrmation from the
guestionnaire, one can calculate net income (proéturn on investment, return on
assets as well as inventory turnover and startapregovery time.

D. Adjusted vs. Unadjusted

The income statement was the more difficult oftthe statements to obtain. The
Ghanaians sampled had a much easier time estinthgngurrent value of their assets
and liabilities than estimating what their saled profits were on an “average” day. The
difficulty comes because sales can vary drastidediy;n season to season, and many
people knew either sales or profit but not bothd dial not differentiated between the two
in their minds. Also, perhaps the biggest issnegine statement items must be
measured over a time period. The original questiamber C30, asked only “During
any average month, what were your sales to cuseomeéhat month?” This question had
to be altered to include a weekly option, for thage could estimate sales in a week, but
not a month. It also was altered to add a prgffitom, for those who knew profit but not
sales. Even with these additional options, thexsevgtill two common errors made in

individual's responses to the question.

Example 1: When asked about their monthly sakesstibject responded, “l get 1
million [old cedis] every month.” Even though theestion was about sales, it is not

obvious if they are answering sales or profitse Shrveyor writes down the answer as
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sales, only to later find in analysis that 1 mitlimakes much more sense as a monthly
profit number, given what they’ve answered for gaitofit (C33) and their profit

margin(C20-C26).

Example 2: When asked about their monthly salessubject responded, “l usually sell
600,000, in a normal month.” This subject, in Inés/head, measures sales in daily terms.
In a normal month (s)he sales 600,000 per day.tiusurveyor doesn’'t know this and

so writes down 600,000 for monthly sales.

These same issues apply to C31, which is the saiesion only dealing
with the past two weeks specifically and not arefage’ month. Often times these two
errors were caught in process of the interview,dtlér times they were not. For future
phases of this study interviewers should be reduedo a few spot checks with a
calculator as they go. However, for the purpogdsaseline, there are two options in
doing analysis on variable C30 and C31. One, ttootall observations that do not
make sense, or two, try to adjust the very obvierusrs and only throw out the ones that
are not obvious. Luckily both interviewers weraitable in the weeks following the
interviews to fix any obvious errors in the inteswis they themselves had administered.
This methodology was implemented as objectivelpassible, although it is impossible
to exclude all subjectivity from the decision ofether to adjust or not. The result is two
datasets, an “adjusted” dataset and an “unadjusiaset.

Overall 29% of the cases had to e sort of adjustment to the income

data. Tables 4.1-4.3 show the difference betwkeradjusted and unadjusted data.
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Table 4.1
Case Summaries, Unadjusted vs. Adjusted Groupings
Adjustment Monthly Net Profit | 2weeks Net Profit
Unadjusted N 191 192
Mean 219.56 56.54
Median 119.71 39.73
Adjusted pre- N 84 80
adjustment
Mean 73.50 25.70
Median 14.17 9.26
Adjusted post- N
adjustment & &
Mean 167.22 81.01
Median 100.00 44.42
Table 4.2 Table 4.3
Case Summaries, Unadjusted Dataset Case Summaries, Adjusted Dataset
Monthly Net 2weeks Net Monthly Net 2weeks Net
Profit Profit Profit Profit
N 275 272 N 270 268
Mean 174.95 47.47 Mean 204.25 68.88
Median 90.31 26.85 Median 118.57 43.52
Std. Deviation 368.2107 145.79 Std. Deviation 366.12 141.75

Table 4.4 shows that the adjustments did not o\affsct one business model grouping

more than the others. The adjusted data has the distribution among business model

groups as the unadjusted dataset.




Parsons 27
Table 4.4 Business Model Type
Cumulative
Adjusted Frequency Percent Valid Percent Percent
unadjusted Valid Microfranchise 77 36.0 36.0 36.0
Stand-alone 110 514 514 87.4
Stand-alone with
microcredit 27 12.6 12.6 100.0
Total 214 100.0 100.0
adjusted Valid Microfranchise 25 29.1 29.1 29.1
Stand-alone 52 60.5 60.5 89.5
Stand-alone with
microcredit 9 10.5 10.5 100.0
Total 86 100.0 100.0

There was also another potential adjustment coimgereported startup cost. In

a country with high inflation, as Ghana has at sraghibited, an amount of Ghanaian

currency paid many years ago is worth a much langdonal amount of cedis in today’s

terms (ignoring revaluation). So there is a misthan the measurement of profits in

today’s terms versus the measurement of startuprcpast cedi terms. Therefore an

adjustment to startup cost by CPI changes is ieror@efore this adjustment the median

startup cost was 30 New Ghana Cedi, and afterdhsstanent the median was 54 New

Ghana Ced..

However, adjusting for inflation caused startupt@nd business age to have a

strong positive relationship. The more time thegg®ed since startup, the greater the

initial investment looked.

Table 4.5
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) -343.565 281.411 -1.221 .223
Months since
business started? 19.892 3.576 310 5.562 .000
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On the other hand, using the startup cost unadjdsteinflation gave a
distribution with startup costs more or less comistver time. “StartupcostReal” is the
inflation adjusted startup cost.

Chart 4.3 Before Inflation Adjustment
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Chart 4.4 After inflation adjustment
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Perhaps the longest running businesses reall\isodtee ones that started with
the most capital as implied by the adjusted stacagh method. This is not so far-
fetched. Or the other option is that perhapssondaety accustomed to inflation,
individuals answer questions about past expenseglay’s cedi terms, given that they
rarely could remember the exact cedi amount anyWwalyusually answered “about” how
much they thought it cost them to start up. Iis tdase we would not need to adjust for
inflation. As you can see from the scatter chdt3sand 4.4, the amount people said they
spent to startup long ago did not differ much fleow much they said they spent to start
in the recent past. In fact there is no relatigméhthe following regression that used the
startup cost unadjusted for inflation. Given cdiodis of high inflation, it is expected
that the notional amount of startup cost wouldéase over time, and therefore older

businesses would hal@wer startup costs.

Table 4.6 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 171.593 72.311 2.373 .019
Months since
business started? 712 .910 .054 782 435

a Dependent Variable: UnadjStartup

So which data is most correct? Up to this poitfitee could be considered viable,
but then when we look simply at the values contiineeach set it becomes more
obvious that the unadjusted set is more appropri@igen the vendors interviewed were
the ‘poorest’ segment of people in Ghana, it isenealistic to believe the unadjusted
numbers because the numbers adjusted for inflgii@unrealistically high startup costs
(See Table 4.7). One would not believe that 30%efsample started with over $200

new cedis, or $184 USD, which is implied by the inens adjusted for inflation.
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Table 4.7
UnadjStartup StartupCostREAL
N Valid 299 295
Missing 1 5
Mean 217.21 755.29
Median 30.00 54.28
Mode 20 0
Percentiles 10 1.20 3.11
20 10.00 19.83
30 20.00 26.43
40 25.00 34.92
50 30.00 54.28
60 50.00 109.81
70 100.00 198.32
80 200.00 375.24
90 500.00 1335.48

30

Also, the relationship between the unadjustedigbacbst and profit is stronger

with an r-squared of .082 versus .026 for the fidtaadjusted startup cost r-squared. |
would expect startup cost to be a relatively strimalicator of profit, which is why
unadjusted startup cost is a better representafiarinat the sampled individuals actually
paid to start their businesselor all following analysis, the adjusted data sghw

unadjusted startup costs was used.

V. Regressions and Results Using Full Sample

A. Regressions

Now that our dataset is explained, it is time teal#e the analysis. First the
study must identify what variables other than tbsitress model (microfranchise, stand
alone or microcredit), which is the treatment, raffgct profit. We may need to control
for these other variables. Since there have net lbay other studies testing informal
business profits in Africa, this is un-chartereditery. | have identified a list of possible

determinants of profit and tested each of theskishaklly for significance in a linear



Parsons 31

regression with and without startup cost. Theorisy is that startup cost is such an
influential variable that it will definitely be iteded in the final regression, therefore any
variables with a strong correlation to startup @mstld be rendered either insignificant or
perhaps show joint-significance by its addition.

These possible independent variables are startplmasiness age, how the
product is sold, the location in Accra where spldhduct category, initial finance
method, as well as certain characteristics relet¢de owner such as gender, age at
business start, entrepreneurship, past businessierpe, marital status, education (also
a proxy for social status) and literacy. This gfethirteen potential control variables.
Discussion of the most important variables to tloelet is included in this section using
the entire sample. Please see Appendix B for dison®of the variables not included
here.

Startup cost: The startup cost is the initial capital investéthrmal businesses
often use ROI, or return on investment, as an atdicof investment performance. This
ratio is roughly income/invested$. It is expectieat the more money you invest, the
more profit you should make. It should then besuarprise that one of the greatest
indicators of business income/profit is the statapt. A larger startup cost likely means
a larger business with more income. In Table Belthat startup cost is indeed

significant and by itself yields an adjusted r-sgabaof .154.

Table 5.1 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 167.373 21.563 7.762 .000
UnadjStartup .184 .026 .392 6.969 .000

a Dependent Variable: Net profit
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The economic law of diminishing marginal retutosapital states that each
additional unit of capital is less productive thtaa one before. This implies that the
businesses that start with less capital shouldoleta make higher returns, not in total,
but per unit invested.(Armendariz & Morduch 200%efefore larger businesses will
exhibit a higher profit but a lower ROI than thealer businesses sampled. This non-

linear relationship should be modeled as follows.

Table 5.2 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 142.826 22.507 6.346 .000
UnadjStartup .356 .059 .758 6.023 .000
UnadjStartupCost2 | .2.36E-005 .000 -.407 -3.236 .001

a Dependent Variable: Net profit

This regression has an adjusted r-squared of .T&G is the best model for startup cost
and net profit, but complications arise when addingther variables because it is
necessary to normalize profits. Profits are uguskewed to the right, as evidenced in
this sample, so we must normalize profits in otdeadd non-skewed independent
variables to the regression. Therefore In(prafithe dependent variable.

Since the relationship of profit with startup cisshot logarithmic, we may also
want to transpose startup cost so that it can beé imsa regression with In(profit). There
is no way to exactly transpose startup+startuptRleep it in a linear form allowing the
coefficients of both to vary. However it can beagximated using
In(startup)+[In(startup)]*2. The adjusted r-squafats to .127 and Instartup is not

significant while Instartupsq is.
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Table 5.3 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients T Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.565 .301 15.168 .000
Instartup -.109 142 -.161 -.765 445
Instartupsq .040 .016 518 2.457 .015

a Dependent Variable: LnNetProfitMonthly

Adding further independent variables to this equgtthe significance of
Instartupsq disappears as well. Not only is thgression difficult to interpret, but it also
does not truly reflect the importance of startuptcahich is one of the strongest
indicators of profit. The following regression, ivh leaves startup cost untransposed
while still transposing profit, is simpler and she® very significant startup cost,

although the adjusted r-squared falls slightlyl1@5.

Table 5.4 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.668 .071 66.132 .000
UnadjStartup .001 .000 .666 4.683 .000
UnadjStartupCost2 | -6.97E-008 .000 -.418 -2.935 .004

a Dependent Variable: LnNetProfitMonthly

This drop in r-squared is a small price to paydateaner, more interpretable regression
with decreased p-values.
Although startup cost will be a controlled varmln the final model, it will also
be used in some later analysis as a method ofdiffiating large and small businesses.
On another note, gender is an important factorell and since all but one of the
microfranchisees were male (there was one womémVendor), the control sample
should only include males when comparing standedda microfranchisees. This is

why the following histogram only shows men.
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Chart 5.1
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There is a much wider distribution of startup cdstshe stand-alone vendors
than for the microfranchisees. Given startup atsuch an important determinant of
profit, and that this is also an indicator of thdividual's economic means to start a
business, we must be very careful in how we makepesisons. We obviously cannot
just take each group as it is, but must make sdfod &0 compare businesses of similar
size, especially when simply looking at descripttatistics of the groups.

This also provides a good argument for using sowonieo propensity score
matching to compare these groups, which will becdiesd later. The few
microfranchisees that were outside the 0 to 50rbthe above histogram were the seven
Fanmilk agents. Their higher startup costs indithat maybe these agents do not truly
fit the standard of being “micro”. This is why some of my later analysis | exclude

these agents.
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microfranchise or not. This and the microcreditnaoy define which treatment group the

35

Microfranchise dummyThis dummy represents whether a business is a

observation falls in. On its own, microfranchisenot significant. Some may think that

our study has reached its conclusion right herdghaitis not so because microfranchise

shows significance once startup cost, arguablyrtbst important control variable is

controlled for.

Table 5.6 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.649 .089 52.397 .000
MicroFranchiseDummy 197 .140 .088 1.410 .160
MicroCreditDummy 1.003 215 .290 4.655 .000
a Dependent Variable: LnNetProfitMonthly
Table 5.7 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.529 .092 49.480 .000
MicroFranchiseDummy .268 137 119 1.957 .051
MicroCreditDummy .601 228 174 2.630 .009
UnadjStartup .001 .000 579 3.791 .000
UnadjStartupCost2 -6.22E-008 .000 -373 -2.558 .011

a Dependent Variable: LnNetProfitMonthly

This joint significance means that there is someetation between the

microfranchise dummy and start up cost. Of coungeknow that this is true because

almost every microfranchise is a Fanmilk vendor &y all have a standard startup

cost. Once we control for this standard startugi,ae see that there is some additional

benefit from being a microfranchise that is noaligtattributable to startup cost.
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Business ageAlong with startup cost, this variable should e @f the most
important in determining profitability. Theoretla a profitable business should be able
to grow over time as long as some of the profigsrainvested. An unprofitable business

will fail. Therefore, the older the business,alle equal, the more profitable it will be.

Table 5.8 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.599 .087 52.617 .000
UnadjStartup .001 .000 .676 4.752 .000
UnadjStartupCost2 | .7.16E-008 .000 -.429 -3.016 .003
Months since
business started? .001 .001 .079 1.342 181

a Dependent Variable: LnNetProfitMonthly

We see that business age is not significant hBte.it did increase the adjusted r-square
very slightly to .108. Perhaps the relationshipulddoe better replicated by adding a
squared term given that over time economies otstely be reached and further growth

may become less profitable.

Table 5.9 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.525 .101 44,998 .000
UnadjStartup .001 .000 667 4.698 .000
UnadjStartupCost2 | .7.12E-008 .000 -.427 -3.005 .003
Months since
business started? .003 .002 237 1.942 .053
businessmonths2 -6.32E-006 .000 -.180 -1.475 141

a Dependent Variable: LnNetProfitMonthly

Now the “months since business started” is sigaificand the adjusted r-squared
increased to .118. This is not overly impressité, | believe business age should
theoretically be an important component of profitgbso | will include it as modeled

above.
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How sold: This variable has to do with the distributiorastgy being used. The
product might be sold in commercial stores, trad#il markets, kiosks or mobile-ly.
Fanmilk, the microfranchise in this study, usesabite vendor distribution method. The

variable omitted in the following regression is aoercial stores.

Table 5.10 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 5.228 .186 28.100 .000
TraditionalMarket -.083 211 -.030 -.393 .694
Kiosk -.384 .199 -.162 -1.928 .055
Mobile -529 .204 -.246 -2.595 .010

a Dependent Variable: LnNetProfitMonthly

We see that kiosk and mobile are statistically ificemt in explaining profit in contrast to
commercial stores. What is not shown from thigesgion is that there is no statistically
significant difference between kiosk and mobileéarms of profit. In later regressions |
combine these two into a single variable, kiosk_ieobBoth kiosk and mobile lose

significance as soon as we add the startup costbhlar

Table 5.11 Coefficients(a)
Unstandardized Standardized
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.674 212 22.005 .000
UnadjStartup .001 .000 .651 4.104 .000
UnadjStartupCost2 | .6.75E-008 .000 -.405 -2.680 .008
TraditionalMarket 172 .209 .061 824 411
Kiosk -.070 .202 -.029 -.345 .730
Mobile -.025 222 -.012 -115 .909

a Dependent Variable: LnNetProfitMonthly

Mobile vendors and kiosks are much cheaper tagetnd thus the startup cost

has a correlation to the type of business (SeeCbaut). It turns out that the startup cost
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is a stronger explanatory variable for profit thhe type of business itself, and therefore
renders this variable redundant.

Location in Accra of sellingAll businesses surveyed were located in Accra,
Ghana. But Accra is a large city with many markatd neighborhoods. Profits may be
affected by location because of varying accessistomers. All of the observations fell
into the following location categories:

Art Center/Osu- Two touristy market area in Cenftatra

Circle- A pedestrian market, shanty-town and Fakimdpot surrounding Nkruma

Circle.

Makola- A commercial district that also includemall, several bus stations and a

pedestrian market.

Kaneshie/Abossey- A particularly busy area thaluitees a large indoor market, a

major bus station hub, outdoor kiosks and a Fandeglkot.

Abeka/Darkuman- Two outlying residential neighbartis in the Greater Accra

region. Abeka has a Fanmilk depot and Darkumarsbtattered shops and

kiosks.

Other- This includes a few interviews from Abelerapk residential

neighborhood, as well as a few interviews of bussies in Accra that were not

interviewed on site and did not give their location

The following regression includes these locatialong with startup cost. Circle

is the omitted dummy variable.
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Table 5.12 Coefficients(a)
Unstandardized Standardized
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.492 .133 33.815 .000
UnadjStartup .001 .000 .662 4.634 .000
UnadjStartupCost2 -6.80E-008 .000 -.408 -2.874 .004
Makola .093 .183 .038 .509 611
Kaneshie 480 181 194 2.646 .009
AbekaDarkuman 134 .225 .041 .596 .552
TouristyArtCenterOsu 108 214 035 505 614

a Dependent Variable: LnNetProfitMonthly

We see that only Kaneshie is statistically differdan Circle in determining
income. This is the only location variable thatkemit into the final model.

Age at business starige at business start is a better measuremenjukan
“age”, because a person’s age will be highly catesl to the number of years their
business has been operating. For example, sonvgurse business has been operating

twenty years must be much older than a twenty-péghr-

Table 5.13 Correlations
Months since
business
started?
Age in years of  Pearson Correlation 611
interviewee. Sig. (2-tailed) 000
N 300

An individual's age at business start, howevenascorrelated to business age.
So | chose to include Age minus BusinessAge, oe ‘@gstartup”, as the person’s age

indicator. By itself “age at startup” is very sificant.
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Table 5.14 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients T Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.109 .237 17.303 .000
Age minus years
since startup .031 .009 230 3.465 .001

a Dependent Variable: LnNetProfitMonthly

5.15. This makes sense as it is likely that a yeryng person does not have access to as

much capital as an older person, hence a highlatoe to startup cost (see CorrChart ).

40

Once we add startup cost, “age at startup” loggéficance as we see in Table

Table 5.15 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.986 .226 22.015 .000
UnadjStartup .001 .000 726 4.919 .000
UnadjStartupCost2 | .7.65E-008 .000 -.459 -3.171 .002
Age minus years
since startup -.013 .009 -.092 -1.476 141

a Dependent Variable: LnNetProfitMonthly

EntrepreneurshipThis variable was explained in section IlI-D. Irnénary

analysis shows that a person’s score on the eetreprship questions is not significant

in explaining profit.

Table 5.16 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients T Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.806 .199 24.170 .000
Sum of Entrepreneurship
score -.031 042 -.044 -744 458
UnadjStartup .001 .000 .660 4.611 .000
UnadjStartupCost2 -6.88E-008 .000 -.413 -2.888 .004

a Dependent Variable: LnNetProfitMonthly
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However, perhaps using this scale is not the mustogoriate way to run the regression.
It may be that a person is simply an entrepreneaob Most people scored right in the
middle of the range, and so it is difficult to ptathem as an entrepreneur or a manager.

Below shows the distribution of entrepreneurshipres.

Table 5.17 Sum of Entrepreneurship score
Cumulative
Frequency Percent Valid Percent Percent

Valid 0 1 3 3 3
1 6 2.0 2.0 2.3
2 29 9.7 9.7 12.1
3 47 15.7 15.8 27.9
4 79 26.3 26.5 54.4
5 73 24.3 245 78.9
6 38 12.7 12.8 91.6
7 20 6.7 6.7 98.3
8 5 1.7 1.7 100.0
Total 298 99.3 100.0

Missing System 2 7

Total 300 100.0

| therefore decided to call those who score 6-8gnéneurs and create an
entrepreneurship dummy variable. This led to desas significance.

My intention is not to explain this “entrepreneupshcore” so much as to find a
relevant variable to control for in my final modélherefore further research is needed to
more fully understand this variable but in this @apwill not delve any deeper. | will
still include the entrepreneurship score (not theachy) in the initial final model just
because this is a variable of particular interest.

Past business experiendeast business experience is another variable that
attempts to take into account the individual’'s paed characteristics. Some individuals

may simply be poor business people. This shouleMent in their past business
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experience. The questionnaire asked how many é&sss an individual had owned in
the last five years, and of those, how many welldrsbperation.

Table 5.18 How many businesses have you owned in the last 5 years?

Cumulative
Freqguency Percent Valid Percent Percent

Valid 0 75 25.0 255 25.5
1 140 46.7 47.6 73.1
2 62 20.7 21.1 94.2
3 15 5.0 5.1 99.3
4 2 7 7 100.0
Total 294 98.0 100.0

Missing  System 6 2.0

Total 300 100.0

Those that answered “0” were Fanmilk vendors, beedliey do not actually own their
ice cream vending business. Both the number ahbsases a person had owned that had
ended, as well as the number that were successf significant indicators of that
individual’s current profitability. The adjusteesquared increased to .145 when these

two variables were added. This does not takedntmuntwhy a business ended.

Table 5.19 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.670 .078 59.813 .000
UnadjStartup .001 .000 .656 4.633 .000
UnadjStartupCost2 082 000 -409 | -2.892 004
Survivedin5yre 451 .166 .160 2.716 .007
Endedin5yrs -.244 .109 -.132 -2.240 .026

a Dependent Variable: LnNetProfitMonthly

Gender Gender turns out to be very significant in deteing profit. Being male
increases monthly profit by on average 68.1 % ,ttahlould be pointed out that gender is
very correlated to many other variables (see Cartth | do not need to spend much

time on this variable however, because all butafrtee microfranchisees were male, and
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the majority of the stand-alones was male. | giithply eliminate the female stand-

alones from the analysis when making comparisotts tive microfranchisees.

Table 5.20 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.079 .165 24,751 .000
UnadjStartup .001 .000 728 5.229 .000
UnadjStartupCost2 723(!)58 000 433 3130 002
Gender of interviewee. .681 173 231 3.935 .000

a Dependent Variable: LnNetProfitMonthly

Independent Variables Synopsi&:summary of each variable and whether it is

included in the initial model.

Synopsis 5.1

Variable InitialTestin Includeln Comments

g Regression

StartupCost Yes Yes Relationship is nonlingar
BusinessAge Yes Yes Relationship is nonlinear?
Mobile/Kiosk No No Correlated to startup cost
Kaneshi Yes Yes

FoodVenda No No

Initial finance metho No No

Age at business start No Yes Close to significant

Correlated to startup cc

Entrepreneursp No Yes A theory we want to te
Survivedinbyeal Yes Yes

Failedin5year Yes Yes

Marital Statu No No

BeyondSecondarySc Yes Yes

LessThanPrimal Yes Yes

Literacy No No

Gender Yes No Exclude all females from

sample

This preliminary analysis leaves us with nine peledent variables to use in the

initial model, in addition to the microfinance amdcrocredit dummy variables.
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Multicollinearity and Loss of Significance due ta®up Cost:One of the
assumptions of linear regression is that the indeéeet variables are uncorrelated. If
they are correlated then it may be that the caedlaariables are really just measuring a
single effect and the regression process is urtataéribute that single effect to two
different variables. Even if both variables amgndicantly related to the dependent on
their own when both are included the regressionscdier from multicollinearity. | have
included below the correlations of all the indepamtdvariables in Synopsis 5.1. The
correlation chart, or CorrChart, helps explain veleytain variables lost significance once
startup cost was added. An opposite result thabcaur due to variable correlation is

‘joint significance’. This is exhibited by startgpst and the microfranchise dummy.



Correlations Pearson Correlation
Unadj  UnadjStarfbusiness businesleiosk_N Food MicrocreditiAge at EntrepreneIsUNived Endedin5 IBeyond LessThan
Startup upCos2 |[Jmonths months2fobile Kaneshie|Vendor unded start  urship nSyre yrs Married JSecondary|Primary
UnadjStartup
UnadjStartupCost 090
0.00
Businessmonths 0.01 0.03]
088 061
businessmonths2 (0.02) (0.00] 0.87
0.69 1.00 0.00
Kiosk_Mobile (0.30) 017 (0.28)  (0.18)
0.00 0.00 0.00 0.00
Kaneshie (0.05) (0.05 0.01 0.02 0.07
041 041 0.91 Q77 024
FoodVendor (0.15) (0.08] (0.14) (0.09 0.26 0.01
0.01 016 002 0.12 0.00 087
MicrocreditFunded 0.18 0.04 0.02 0.02] (0.22 (0.06) (0.02)
0.00 048 0.79 074 0.00 035 073
Age atstart 0.24 0.14 (0.05)  (0.09 (0.29 (0.01) (0.11) 016
000 001 040 012 000 085 007 001
Entrepreneurship (0.03) (0.03 (011) (©.03} (001 (0.07} 0.3 (0.01) (0.05)
063 062 0.06 06 0.85] 024 002 092 044
SurvivedinSyre 0.03 (0.01 0.05 0.02] (0.14 0.01| (0.04) 0.05 0.6 (0.108
0.63 0.85 0.39 0.67| 0.02 0.86 0.44 0.45 0.34 0.10
Endedin5yrs 0.01 (0.03 (0.16) ©09] 0.01 (0.04] (0.05) 007 0.11 0.05 (0.12
0.90 0.66 0.01 0.12 0.85 0.47 0.35 0.26__0.07 0.36 005
Married 0.15 0.10 0.34 029 (020 0.01 (0.01) 002 0.23 (01 0.09 (0.14)
0.01 0.07 0.00 0.00 0.00 0.88 0.89 068 000 0.06 0.1 0.02
BeyondSecondary) 0.27 0.21 0.17 0.16] (0.25 (0.04) (0.16) 0.02 0.22 (0.09| 0.18 (0.08) 0.06
0.00 000 000 0.00 0.00 049 001 070 0.00 011 0.00 020 030
LessThanPrimary (0.05) (0.02 0.20 0.20] (0.06 (0.04) o014 (0.04) (0.07) (0.02 (0.05 (0.06) 001 (0.07]
041 0.69 0.00 0.00 033 051 002 053 024 0.68 Q.42 233 0.29 Q.22
Literacy 0.09 0.04 0.09 0.08] (0.13 0.00] (0.23) 0.08 0.07 (0.04 0.06 (0.04) 0.02 0.22 (0.26)
014 048 012 018 002 093 000 020 025 031 028 049 0 A8 000 000
Gender (0.18) (0.16 0.12) (0.1((31 0.20 0.10| (0.12) (0.09) (0.27) 0.02 (0.10 (0.05)  (0.08 (0.03 (0.22)
000 00 004 00 0.00] 0.08] 0.04 014 0.00 0.70 008 0.39 0.17 0.61 0.00
red Correlation is significant at the 0.05 levehédled).
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As one can see from CorrChart, kiosk_mobile isedated to just about
everything. This makes sense because kiosk_mishél@listribution method that will
have it's own startup cost and owner profile. dkiomobile is especially important to us
because that is the distribution method of the ofianchisees. Below I've depicted
some general characteristics of a kiosk_mobilertass versus other businesses, which
are supported by the correlations above. | danubtide gender as we purposely sought
out male mobile vendors to compare with Fanmilke included startup cost under both

personal and business characteristics as it canmgpsesent an individual's economic

status.

Table 5.21

Personal characteristics Business characteristics
lower startup capital lower startup cost
younger more are food vendors
more are single fewer months in business

less likely to have advanced education
less likely to be literate

less business experience

These personal characteristics are also, unsingisisvery correlated with each
other. Even though these variables may have aorteat relationship to profitability, it
may be an indirect relationship. These variablag ndicate the type of business a
person goes into which in turn influences profiliabi We will not be able to put all of

these variables into a regression because thdrbewihulticollinearity.
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I would like to discuss multicollinearity speciity in relation to startup cost.
I've already mentioned that when testing severahefindependent variables we found
that some were significant on their own, or classignificant, but then lost significance
once startup cost was added into the regressibrselvariables were: mobile/kiosk,
food vendor, age at startup and literacy (see AgipeB). This is because many of these
variables are highly correlated with startup cestich can be used as a proxy for the
initial capital an individual had access to. Ararthariable shown to have a relationship
with initial capital, despite not losing all sigitiénce due to multicollinearity, was
beyondsecondary (see Appendix B). | ran all ttstmdup-cost-correlated variables in

Table 5.22 with startup cost as the dependenthiaria

Table 5.22 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 161.523 201.653 .801 424
Kiosk_Mobile -370.507 106.768 -.205 -3.470 .001
FoodVendor -85.281 85.358 -.057 -.999 .319
Age minus years
since startup 13.182 5.511 136 2.392 .017
Literacy 5.010 88.004 -.003 -.057 955
BeyondSecondary 473.716 154.729 177 3.062 .002

a Dependent Variable: UnadjStartup
note: marital status was correlated to startup cost, but not at all to profitability when regressed, so did not
include

Foodvendor and literacy are not significant herbae earlier table showed that
these two variables are correlated with each ahevell as kiosk_mobile causing
multicollinearity. | reran the regression withdabdvendor and literacy below. Tables
5.23 is my model of variables that indirectly effpoofitability through the variable

startup cost.
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Tables 5.23 Model Summary

Adjusted R | Std. Error of

Model R R Square Square the Estimate
1 .384(a) 147 139 691.301
a Predictors: (Constant), BeyondSecondary, Age minus years since startup, Kiosk_Mobile
ANOVA(b)
Sum of
Model Squares Df Mean Square F Sig.
1 Regression 24264623921' 3| 8088210.764 16.925 .000(a)
Residual 14050182; 204 477896.537
Total 164766214
.316 297

a Predictors: (Constant), BeyondSecondary, Age minus years since startup, Kiosk_Mobile
b Dependent Variable: UnadjStartup
Coefficients(a)

Unstandardized Standardized )
Coefficients Coefficients t Sig.

Model B Std. Error Beta B Std. Error
1 (Constant) 132.192 188.543 701 484

Kiosk_Mobile -393.312 104.056 -.217 -3.780 .000

Age minus years

since startup 13.311 5.500 .138 2.420 .016

BeyondSecondary 486.895 151.188 .182 3.220 .001

a Dependent Variable: UnadjStartup

This regression shows that distribution method atlpe at startup, and schooling
beyond secondary do indeed have an indirect ingraptrofit. The way the product is
sold will determine the cost of entering a certauisiness, whereas age and education

may indicate the amount of capital an individua.ha

B. Microfranchising Results Full Sample Model
First | will look at microfranchising. It must tanalyzed separately from
microcredit because there is almost no overlap éetvihese groups. But each group

does overlap with a portion of the stand-alonest isopossible to analyze using a similar
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process for both. Within each category | will fiesmalyze with case summaries and

frequency analysis and then with the linear regmessiodel described in Synopsis 5.1.

Frequencies and Case Summari€ke first purpose of this study is simply to get

a better understanding of the characteristics ofafrianchisees and their businesses

versus stand-alones and microcredit clients. ®Hewing data summarizes these three

groups.
Results 5.1
excluding agents
entrepre
n male % food % jeweln % electron % telecomr %  clothing% |[neur %
95 94 99% 90 95% 0 0% 0 0% 0 0% 0 0% 27 28%
162 129 80% 32 20% 8 5% 14 % 10 6% 50 31% 26 16%
36 20  56% 11 31% 5 14% 1 3% 3 8% 7 19% 9 25%
excluding agents
n mobile % kiosk % shop % market % saving % |read % |married %
95 0 95% 3 3% 1 1% 1 1% 82 86% 57 60% 34 36%
162] 112 69% 82 51% 13 8% 41 25%| 107 66% 104 64% 67 41%
36 4 11% 6 17% 16 44% 11 31% 33 92% 29 81% 20 56%
excluding agents
recovered lessthan second beyond
n startup % primary %  primary % junior % ary % secondary %
95 95 100% 4 4% 19 20% 49 52% 21 22% 2 2%
162 150 93% 11 7% 17 10% 77 48% 40 25% 17 10%
36 33 92% 1 3% 4  11% 13 36% 13  36% 4 11%

We see that the microfranchisees are male, mfwwid vendors, have high

savings, are less likely to be married, are mduhylito have recovered their startup cost

and are less likely to have education beyond seagrathool. Below are some basic

statistics describing the non-categorical charasties of the group. They show that

microfranchisees in Accra are young, started vagis Imoney, worked more hours, and

had less debt and more savings compared with stimmes.
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Results 5.2
Statistics excluding agents
Hours per Recovery Entrepren Net
Business Model Type Age Age at start UnadjStartup day time Debt Savings Inventory eurship  Income
Microfranchise N Valid 95 95 94 94 82 73 77 91 95 86
Missing 0 0 1 1 13 22 18 4 0 9
Mean 27.14 23.48 18.95 12.56 112 15.53  240.08 34.84 4.60 135.07
Median 26 22 20 13 1 0 120 323 5 125.76
Std. Deviation  7.460 5.198 15.983 2.575 1526 83553 312.558  40.235 1.640 71.213
Stand alone N Valid 162 162 162 162 147 151 110 156 162 145
Missing 0 0 0 0 15 11 52 6 0 17
Mean 32.30 26.84 165.65 10.96 5.12 59.83 276.78 487.84 4.17 156.57
Median 30 26 50 11 2 0 100 150 4 100
Std. Deviation  9.611 7.689 357.238 2.697 6.680 209.337 554.062 1134.456 1.460  208.364
Microcredit N Valid 36 36 36 36 32 36 32 32 34 32
Missing 0 0 0 0 4 0 4 4 2 4
Mean 39.56 32.78 902.60 11.10 9.99 828.81 1155.09 3170.41 4.38 561.97
Median 39 32 225 11.25 7 57.5 645 900 4 269.54865
Std. Deviation  9.269 9.128 1855.200 3.198 10.734 1508.359 2577.377 5377.238 1436  837.178
In order to make sure we are comparing applespteapl have divided each
group into subgroups based on startup cost, thé impsrtant independent variable, to
compare some of the dependent variables. ThegrbQ startup cost is more applicable
to microcredit so is included later in that sectidtere | only present the <=50 group.
Results 5.3
Use to compare Microfranchise and Stand alone
Statistics for Startupcost <=50; Men only
Gross Monthly  Hourly
Profit  Net Inventory Profit To Profit To
Unadj margin Monthly Hourly Monthly  ROA Startup  Startup  Recovery
Business Model Type Startup Percent Profit Profit Turnover monthly Ratio Ratio time
Microfranchise |N Valid 91 90 82 81 0 0 63 62 79
Missing 0 1 9 10 91 91 28 29 12
Mean 17.77 0.17 133.32 0.47 7.04 0.02 1.13
Median 20.00 0.17 122.76 0.43 5.57 0.02 1.00
Std. Deviation 12.98 0.02 69.63 0.25 6.33 0.02 1.55
Stand alone N Valid 67 63 58 58 30 30 55 55 62
Missing 0 4 9 9 37 37 12 12 5
Mean 24.24 0.43 151.55 0.61 13.18 4.97 12.92 0.05 2.70
Median 20.00 0.40 100.00 0.37 1.82 1.55 5.33 0.02 1.00
Std. Deviation 17.28 0.25 203.95 1.00 26.10 6.90 24.04 0.10 3.65]
Microcredit N Valid 3 2 2 2 1 1 2 2 3
Missing 0 1 1 1 2 2 1 1 0
Mean 13.83 0.50 201.25 0.68 0.62 0.48 95.82 0.31 6.33
Median 20.00 0.50 201.25 0.68 0.62 0.48 95.82 0.31 5.00
Std. Deviation 10.68 0.03 108.72 0.30 126.71 0.40 5.13
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Microfranchisees have a lower median profit margut a higher net profit given
startup cost (Monthly Profit To Startup Ratio).must be warned that these are only
summaries and do not control for many of the inddpat variables we talked about
previously.

Regression ResultEirst for my “initial” model run, | ran all the irgbendent
variables identified in Synopsis 5.1 separatelyMarofranchise and Stand-alone. The

dependent variable is LnNetProfitMonthly.

Results 5.4
r-squared
Model Summary
Business Model Type R R Square Adjusted R £ Std. Error of the Estimate
Microfranchise 0.6719 0.4515 0.3721 0.5973
Stand alone 0.4963 0.2463 0.1617 0.8784
Men only, for comparing with Microfranchise
Unstandardized Standardized
Business Model Type Coefficients Coefficients  t Sig.
B Std. Error Beta B Std. Error
Microfranchise (Constant) 3.856 0.416 9.278 0.000
n=76 UnadjStartup 0.004 0.001 1.244 3.804 0.000
UnadjStartupCost2 0.000 0.000 -0.869 -2.730 0.008
Months since business ste 0.000 0.004 0.025 0.086 0.932
businessmonths2 0.000 0.000 0.114 0.388 0.699
Kaneshie 0.353 0.162 0.207 2.180 0.032
Age minus years since ste 0.017 0.013 0.124 1.252 0.215
Sum of Entrepreneurship ¢ 0.055 0.042 0.122 1.322 0.190
SurvivedinSyre -0.041 0.316 -0.015 -0.129 0.898
EndedinSyrs 0.010 0.151 0.006 0.068 0.946
BeyondSecondary 0.043 0.583 0.010 0.073 0.942
LessThanPrimary -0.104 0.365 -0.025 -0.284 0.777
Stand alone (Constant) 4.192 0.467 8.982 0.000
n=109 UnadjStartup 0.002 0.001 0.652 2.897 0.005
UnadjStartupCost2 0.000 0.000 -0.773 -3.440 0.001
Months since business ste 0.004 0.002 0.330 1.716 0.089
businessmonths2 0.000 0.000 -0.369 -1.938 0.056
Kaneshie 0.222 0.192 0.106 1.153 0.252
Age minus years since ste -0.001 0.013 -0.007 -0.078 0.938
Sum of Entrepreneurship ¢ 0.041 0.059 0.065 0.687 0.494
SurvivedinSyre 0.472 0.228 0.194 2.070 0.041
Endedin5yrs -0.169 0.143 -0.111 -1.182 0.240
BeyondSecondary 0.475 0.348 0.143 1.366 0.175
LessThanPrimary -0.642 0.458 -0.126 -1.402 0.164
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We see that the r-squared is very high for the afianchise group. This is an
indication of how homogenous this group is. Tlamdtalone group is more diverse, but
still has a reasonably high r-squared. From thkethelow we can see that certain
variables are more significant depending on theahtyghe. However, the variables that
are not significant in either group are age atgparentrepreneurship, businesses ended
in the last five years, beyond secondary and lems primary. Of these, none except
beyond secondary become significant when we contimtie groups. | will drop these
but include beyond secondary in the final run.

It makes sense that business age wouldn’t befisigni for the microfranchise
because there is not as much growth potentialeri-tnmilk vending business. Vendors
save or spend their profits instead of reinvestirgn in a business. Below in Results
5.5 we see that median savings are slightly hifgremicrofranchisees than the matched
stand-alones, although mean savings is lowerso,Adlthough the amount saved may not
be strikingly different, the number of microfransbés that do save is significantly higher
than the number of stand-alones. Those with adoasscrocredit have much higher

savings, but also much higher debt.

Results 5.5 Statistics(men only)
Total Current Total
Business Model Type Saving indebtedness
Microfranchise Mean 235.02 15.97
Median 120.00 .00
Stand-alone Mean 664.74 20.63
Median 100.00 .00
Stand-alone with Mean 604.15 181.13
microcredit Median 681.67 116.67

Other observations from Results 5.4 is that appigrericrofranchise vendors do

better in Kaneshie than they do in other marketkadso there was a difference by group
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in businesses survived in the last five years.s Thin be explained by the theory that
perhaps microfranchises do not require businessrexpre to be successful, whereas a
stand-alone might.

Here is the final regression for comparing microéfaises with stand-alones:

Results 5.6 Model Summary
Adjusted R | Std. Error of
Model R R Square Square the Estimate
1 .561(a) .315 .284 .80239

a Predictors: (Constant), BeyondSecondary, Kaneshie, UnadjStartupCost2, MicroFranchiseDummy,
Survivedin5yre, Months since business started?, MicroCreditDummy, businessmonths2, UnadjStartup

ANOVA(b)
Sum of
Model Squares df Mean Square F Sig.
1 Regression 59.685 9 6.632 10.300 .000(a)
Residual 130.053 202 644
Total 189.738 211

a Predictors: (Constant), BeyondSecondary, Kaneshie, UnadjStartupCost2, MicroFranchiseDummy,
Survivedin5Syre, Months since business started?, MicroCreditDummy, businessmonths2, UnadjStartup
b Dependent Variable: LnNetProfitMonthly

Coefficients(a)

Unstandardized Standardized
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.354 114 38.350 .000
MicroFranchiseDummy 216 119 113 1.820 .070
MicroCreditDummy 1.002 244 .263 4.110 .000
UnadjStartup .001 .000 .266 1.828 .069
UnadjStartupCost2 -1.30E-007 .000 -129 -.933 .352
Months since business
started? .003 .002 216 1.979 .049
businessmonths2 -8.84E-006 .000 -.253 -2.291 .023
Kaneshie .331 124 .158 2.682 .008
Survivedinyre 430 .165 .159 2.597 .010
BeyondSecondary .830 244 .232 3.398 .001

a Dependent Variable: LnNetProfitMonthly

This regression addresses our second hypothasimtbrofranchisees will have a

benefit over similar stand-alones. We find thatr¢his indeed at the 10% level a
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statistically significant positive relationship teten the microfranchise dummy and
Inprofit, one of our methods of measuring busirpesgormance. | will now run this
regression with two of our other business perforreaneasurements: hourly profit and

profit to startup ratio.

Results 5.7

MicroFr MicroCr Unadj  Unadj Business Business Survived

Men only adj. r-sq constant Dummy Dummy Startup Startup2 months months”2 Kaneshie in5yr
LnNetProfitMonthly 0.247 43287 02235 10351 0.0011 -2.669E-07 0.0032 -6.689E-06 0.3198  0.5706
0.00 0.07 0.00 0.00 0.05 0.04 0.09 0.01 0.00
LNHourlyProfit 0251 -1.2657 0.1477 10598 0.0012 -3.029E-07 0.0037 -7.720E-06 02515  0.5844
0.00 0.24 0.00 0.00 0.03 0.02 0.05 0.05 0.00
LNProfitToStartupRatio  0.455 11249 05911 11527 -0.0047 1.163E-06 -0.0025 3.77/0E-05 02255  0.0523
(like ROI) 0.00 0.00 0.00 0.00 0.00 0.54 0.05 0.20 0.81

Of special notice is the increase in adjusted asegiwhen the dependent
variable is our representation of ROIl. When thisur dependent variable we see that
startup cost actually has a negative relationshipile with my earlier discussion of the
law of diminishing marginal returns) and microfraise still has a positive correlation.
However, Kaneshie and business experience losdisagte.

Another important observation is that when lookitidnourly profit, the
microfranchise dummy is no longer significant. §bould mean that Fanmilk vendors
are making higher profits because they are worldnger hours. This is in line with
them having a lower profit margin, hence higherdoiai turnover being the necessary
source of higher profits. This is also in linelwihe fact that most kiosk businesses close
at dusk, while the mobile Fanmilk vendors can wlatk into the evening making sales to
the legendary Accra traffic.

| also ran the regression with startup cost regotiere as the dependent variable,
however the results were not interpretable, nari@ant. This is likely because there is

almost no variation in this variable at these lewells in startup cost. Most of these
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businesses recovered their startup cost in daygeks, not in months. We asked this
question in terms of months and people were na @bbe much more specific than to
tell us they recovered their costs in less tharoatm | would expect the microfranchise
vendors to have recovered their costs the fasiesply because they had some of the
lowest costs, but we will be unable to show thia iregression using the questionnaire
data.

| didn’t run the regression on profit margin beatlss is constant for all
Fanmilk vendors at 0.17. Also, this margin doetsrafiect how much money they make.
The fact that the microfranchisee profits were bigh our regression while margins
lower simply means that they are selling a prodhat turns over more. It is impossible
to run the regression on Inventory turnover or R@@nthly because the microfranchise
vendors never carry inventory overnight and havéixesl assets. However these

measurements can be used in comparing microcrétiitstand-alones.

Microcredit Results Full Sample Model

I will now turn from microfranchising to analyzirige small group of microcredit
borrowers we interviewed. Many of the microcrdmhitrowers were women, so we do
not exclude women in this analysis.

Frequencies and Case Summariksthe following case summary we compare
microcredit borrowers and stand-alones. Pleastheesummary charts, Results 5.1-5.3,
listed in the microfranchise analysis section fotHer information. We see that on
average microcredit borrowers have much highet gfacosts than the stand-alones,

even when we include only those that started withenthan 50 new cedis. This is a
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much greater disparity between microcredit borrevweard stand-alones than what we
saw earlier between microfranchisees and standeslofhe microcredit businesses score
better in all the business measurements except R@AL to Startup Ratio, and startup
recovery time. These reflect the microcredit baes higher assets and higher startup
cost.

Regression Result¥e start with the same regression we used in alinpgnary
analysis of microfranchises only now we add oneaniotdependent variable, gender,
because women are now a part of our analysis. wBei® see the adjusted r-squared is
very high for the microcredit group. Results &r8 interesting because we have added a

significant variable, gender into the mix.

Results 5.8
Business Model Mode R R Square Adjusted R Sq Std. Error of the Estimate
Stand alone 0.4640 0.2153 0.1394 0.9931

Microcredit 0.8511 0.7244 0.4881 1.1663
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Results 5.8

Men and Women, for comparing with Microcredit

Unstandar Standardized
Business Model Type dized Coefficients t Sig.
B Std. Error Beta B Std. Error
Stand alone (Constant) 4.047 0.547 7.397 0.00
n=136 UnadjStartup 0.002 0.001 0.648 2.899 0.00
UnadjStartupCost2 (0.000) 0.000 (0.653) (2.917) 0.00
Months since busin 0.002 0.002 0.201 1.017 0.31
businessmonths2 (0.000) 0.000 (0.138) (0.717) 0.47
Kaneshie 0.260 0.195 0.109 1.334 0.18
Age minus years sit (0.015) 0.012 (0.110) (1.291) 0.20
Sum of Entreprenet 0.038 0.062 0.052 0.616 0.54
SurvivedinSyre 0.437 0.207 0.180 2.108 0.04
Endedin5yrs (0.214) 0.140 (0.129)  (1.522) 0.13
BeyondSecondary 0.065 0.327 0.018 0.197 0.84
LessThanPrimary (0.225) 0.355 (0.057)  (0.633) 0.53
Gender of interview 0.541 0.242 0.202 2.240 0.03
Microcredit (Constant) 5.865 2.421 2.423 0.03
n=26 UnadjStartup 0.001 0.000 1.635 3.123 0.01
UnadjStartupCost2  (0.000) 0.000 (1.525)  (2.902) 0.01
Months since busin 0.030 0.019 0.921 1.544 0.14
businessmonths2 (0.000) 0.000 (0.744)  (1.402) 0.18
Kaneshie 0.055 0.754 0.012 0.074 0.94
Age minus years sit (0.062) 0.038 (0.356) (1.648) 0.12
Sum of Entreprenet (0.098) 0.203 (0.085) (0.483) 0.64
SurvivedinSyre 1.391 0.815 0.338 1.708 0.11
Endedin5yrs (0.129) 0.431 (0.050) (0.298) 0.77
BeyondSecondary 2.270 0.974 0.504 2.332 0.04
LessThanPrimary (2.483) 1.480 (0.293) (1.678) 0.12
Gender of interview 0.070 0.624 0.022 0.113 0.91
a Dependent Variable: LnNetProfitMonthly

Now business age is no longer a significant inddpetvariable. This could
support prior research about how women tend todspeofits on family consumption,
whereas men tend to reinvest profits in their bessn meaning only men’s businesses
would grow over time. (Safa 1995) Another intéregsbutcome is that for the first time
we see education is significant for a specific gronicrocredit businesses.

Below I've run my model on the entire sample tolyre microcredit borrower’s

relationship to profit. This model now includesider, a business age/gender interaction
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term and age at startup because age at startepily significant for the microcredit
group in Results 5.8.
Results 5.9
Model Summary
Adjusted R | Std. Error of
Model R R Square Square the Estimate
1 .543(a) .295 .259 .93550
a Predictors: (Constant), Gender of interviewee., BeyondSecondary, businessmonths2, Survivedin5yre,
UnadjStartupCost2, MicroFranchiseDummy, MicroCreditDummy, Age minus years since startup,
BusAgeSQGenderinteraction, Months since business started?, UnadjStartup, BusAgeGenderinteraction
ANOVA(b)
Sum of
Model Squares df Mean Square F Sig.
1 Regression 87.768 12 7.314 8.357 .000(a)
Residual 210.039 240 875
Total 297.807 252
a Predictors: (Constant), Gender of interviewee., BeyondSecondary, businessmonths2, Survivedin5yre,
UnadjStartupCost2, MicroFranchiseDummy, MicroCreditDummy, Age minus years since startup,
BusAgeSQGenderinteraction, Months since business started?, UnadjStartup, BusAgeGenderinteraction
b Dependent Variable: LnNetProfitMonthly
Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.746 .389 9.619 .000
MicroFranchiseDummy 186 135 .082 1.379 169
MicroCreditDummy .885 224 .252 3.949 .000
UnadiStartup .001 .000 542 3.704 .000
UnadjStartupCost2 -5.66E-008 .000 -.340 -2.443 .015
Months since business
started? .003 .002 .238 1.923 .056
businessmonths2 -9.34E-006 .000 -.266 -2.094 .037
BusAgeFemalelnteraction .000 .005 -.013 -.060 952
BusAgeSQFemalelnteracti
on -9.03E-006 .000 -.160 -.852 .395
Age minus years since
startup -.010 .009 -.076 -1.209 .228
Survivedinbyre 461 .160 164 2.890 .004
BeyondSecondary 622 .250 .155 2.485 .014
Gender of interviewee. 964 289 327 3.334 .001

a Dependent Variable: LnNetProfitMonthly
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business age is significant for profitability foenis businesses but not women’s. The
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Once we add the interaction term for gender witkiless age, we indeed see that

interaction term was I= businessmonths*(1-gend&gnder is 1 for male and 0 for

female. Age of the individual at startup is gtidit significant. The main purpose of this

regression was to look at the microcredit groupe 8&e that those who've used

microcredit do indeed earn statistically more gsofil will now look at hourly profit,

profit to startup ratio, ROA and inventory turnowes well.

Results 5.10
BusAge BusAgeSQ
adj. - constan MicroFr  MicroCr  Unadj  Unadj Business Business Gender Gender Survived Beyond
len and YWaorme sq Dummy Dummy  Startup  Startup*2  Age Ager2 Interaction Interaction  in Syr Secondary  Gender
LnNetProfit
Monthly 02580  3.4075 02018 0.8416  0.0007 -5.34E-03 0.0033 -B.31E0B (0.0007) A28E06 0474k 05586 | 1.0400
Q.00 0.13 0.00 0.00 0.02 0.06 0.05 0.87 0.43 0.00 0.0z 0.00
LNHourly
Profit 02756 | (2.0357) 01214 0.9316  0.0007 -5.04E-03 0.0033  -1.03E-05 0.0o012 -1 2BE-05 04405 0.7309  0.8801
0.00 0.36 0.00 0.00 0.03 0.03 0.0z 0.79 0.23 0.01 Q.00 0.00
LnProfitTo
StartupRatio  0.3865 | 0.3752 0.7553 1.0004 | (0.0023) 21MELO7 (0.0054) 0.0001 (0.0022) 27IE0R 00743 {0.1354) 0.6314
{like ROl 031 0.00 0.00 0.00 0.00 017 0.0 077 0.29 0.73 069 0N
LnROA 01960 00582 [DOBYY  ([0.3844) ([0.0015) 1.55E07 0.0141y 1.33E-05 0.0075) 2A5E-06 0.09 (0.4317) 07075
0.23 0.92 0.43 0.00 0.00 0.m 0.20 0.51 0.93 0.83 0.41 0.33
Lnlnventory
Turnover 00598 21677 3.1844 01202 (0.0012) 11907 (0.005%  2.0MEO7 0.0124 -330E-05  (De550) 05344 (1.061%
0.01 0.00 .86 0.02 0.04 0.33 0.93 0.40 0.29 0.33 .43 0.26

Again we see that the model with the highest adgistsquared is the one using

our ROI approximation as the dependent variabbeertory turnover is the weakest

model and | choose not to analyze its results. aldhe first three models, microcredit

has a very positive association with the businesasmrement. | am not surprised that

microcredit is positively associated with ROI besmthese individuals did not use

microcredit to increase the startup capital, bthiento grow the business. These

businesses are leveraged and therefore are eamomge at a higher proportion to the

initial equity invested. One cannot compare micedd users directly with
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microfranchisees because they are such a diffeeenple, but one can say that both
microfranchisees and microcredit borrowers earnenpoofit (though not necessarily a
better hourly wage for the microfranchisees) angehabetter ROI than your run-of-the-
mill stand-alone enterprise. Microcredit borrowkase lower return on assets, which
reflects their higher fixed assets. Microfranchiis¢hese latest regressions including
women is not significant except for inventory tuwao (must be the seven agents as the
vendors had no inventory) and ROI. The cavedtasit would be better for these
microcredit borrowers to be compared to a propgssibre matched control group
because of the disparity between the characterisiaking up the microcredit group and

the stand-alone group.

VI. Regression and Results Using Matched Control Grup

A. Regressions

Up until now I've simply been using the whole saenfil determine which of the
many independent variables are the most importaes o include in the model.
However, instead of using the whole sample, wellglezant use a control group that
matches as closely as possible to our treatmenpgrim all aspects unaffected by the
treatment.

Propensity score matching and Matching by Startegt@lone: One way we can
better match our treatment group is to use a meathtbeld Propensity Score Matching.

Propensity score matching is a method where ane auregression of
independent variables with the treatment dummyasiependent variable in order to

find the independent variables that determineelilibod of receiving treatment. Once
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you model the variables that are related to treatnoae can calculate a probability of
treatment, or propensity score, for each obsemvatithen each treatment observation
can be matched to a control observation that haddime probability of being included
in the treatment group.

The only treatment group | analyzed was the Fdomgihdors, although a similar
method should be applied to the microcredit corgrolip. These vendors are all men.
Knowing this | chose to only include men in theialisample that | applied propensity
score matching to. The independent variablesd ase startup cost (as a proxy for the
initial capital the person had), age at startupitatvo read, and businesses that survived

in the last five years (as a proxy for businesserpce).

Table 6.1 Variables in the Equation
B S.E. Wald Df Sig. Exp(B)
Step  UnadjStartup -.032 .007 20.037 1 .000 .968
1@  ageatstartup -.054 030 3.128 1 077 948
Read -.668 .339 3.880 1 .049 513
Survivedinyre -.117 .580 .041 1 .840 .890
Constant 2.423 792 9.368 1 .002 11.278

a Variable(s) entered on step 1: UnadjStartup, AgeatStartup, Read, Survivedin5yre.

We see that all variables are significant exceetiiusiness experience proxy

variable. Here is the final result excluding “suadin5yr”.

Table 6.2 Variables in the Equation
B S.E. Wald Df Sig. Exp(B)
Step  UnadjStartup -.033 .007 21.186 1 .000 .968
1@  ageatstartup -061 030 4.054 1 044 941
Read -.607 .337 3.248 1 .072 545
Constant 2.589 787 10.810 1 .001 13.311

a Variable(s) entered on step 1: UnadjStartup, AgeatStartup, Read.

So the resulting equation is:

Eq. 6.1 PropensityScore = 2.589-.033*StartupCost-.061e#&tartup-.607*Read
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From this equation we can compute a propensitsesoos each of the men

surveyed. Then we will match each man in the tneat group with a man who did not

receive treatment with a similar propensity score.

Chart 6.1
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Chart 6.1shows that there are plenty of stand-alones thelap the propensity

scores of the vendors. The distribution is sketoettie left because the vendors are the

lower bound of the startup cost. No one reallydésver cost but many have higher and

startup cost is negatively correlated to receithmtreatment. For analysis we will make

up a control group including only those stand-asotteat match the propensity scores of

the vendors. | allowed multiple matching, so #iagle stand-alone case matched more

than one microfranchise case, it was included rtieae once.

Unfortunately, | found that this propensity scoadcalation was insufficient in

creating a good comparison group. | found thabhéresulting comparison groups, the

control group actually ended up having a notice&ier median startup cost. Startup
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cost is the only independent variable in our prgjigrscore calculation that directly
effects profit, therefore this is the most impottaratching characteristic. One reason it
may not match up well is that there are limitedasiations and also that there is a very
narrow distribution of microfranchise startup cosBerhaps in a group with many more
observations, and observations of several microfrses other than Fanmilk, it would be
easier to get similar comparison groups. Whathtbis that the difference in startup
cost was actually being compensated for by thediffce in the age at startup and
literacy of the individual so that while we weretotdang propensity scores, we were not
matching well on the most important variable, sfartost.

As we've shown before, startup cost incorporates tie product is sold (which
is correlated to business maturity), the age atugtaand schooling beyond secondary. |
therefore decided to define a control group basestartup cost alone. Please refer to
the earlier distribution of men’s startup cost€imart 5.1 to get an idea of the distribution
used in this group. | matched allowing cases teepeated in a range of about 1 new
Ghana cedi.

Full Sample Model run with Matched Control Groujm including here the
results for what it would look like if we used th#l sample model from Results 5.4 with
the startup cost matched control group. You veil ghat there is very little statistical
significance in the matched sample results. Thedehlmoks much better in Results 5.4
because that is running the model with the datzsed to develop it.

Table 6.3
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Unstandardized

Standardized
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Business Model Ty Moc Coefficients Coefficients  t Sig.
B Std. Error Beta B Std. Error
Microfranchise 1 (Constant) 3.440 0.433 7.950 0.000
UnadjStartup 0.024 0.013 0.545 1.890 0.063
UnadjStartupCost2 0.000 0.000 -0.307 -1.065 0.291
Months since business ste 0.002 0.004 0.187 0.555 0.581
businessmonths2 0.000 0.000 0.124 0.369 0.713
Kaneshie 0.279 0.177 0.195 1.575 0.120
Age minus years since sta 0.020 0.015 0.168 1.357 0.179
Sum of Entrepreneurship ¢ 0.068 0.042 0.186 1.615 0.111
Survivedinbyre -0.144 0.368 -0.051 -0.392 0.696
Endedin5yrs 0.092 0.157 0.066 0.582 0.562
LessThanPrimary -0.092 0.353 -0.028 -0.261 0.795
Stand alone 1 (Constant) 4,764 0.574 8.300 0.000
UnadjStartup 0.032 0.017 0.560 1.827 0.073
UnadjStartupCost2 0.000 0.000 -0.384 -1.375 0.174
Months since business ste 0.001 0.002 0.277 0.599 0.551
businessmonths2 0.000 0.000 -0.811 -1.305 0.197
Kaneshie -0.334 0.249 -0.184 -1.341 0.185
Age minus years since sta 0.009 0.015 0.071 0.644 0.522
Sum of Entrepreneurship ¢ -0.176 0.065 -0.360 -2.720 0.009
Survivedinbyre 0.793 0.365 0.248 2.170 0.034
Endedin5yrs -0.168 0.204 -0.106 -0.822 0.414
LessThanPrimary 0.641 1.516 0.043 0.423 0.674
BeyondSecondary 1.289 1.052 0.445 1.226 0.225
a Dependent Variable: LnNetProfitMonthly

Most every variable loses significance once theigsaare compared by startup

cost. One explanation is that comparing by stachsgi gives you very homogenous

groups because of the high correlation with stactogi of many of the other variables. If

the independent variables do not vary, we canmiébate changes in profit to those non-

existent variations. One interesting output of ikithat now the entrepreneurship score

is very significant for stand-alones, however mégatively related to profit! With so

many insignificant variables in the equation, amel @lready existing evidence of

multicollinearity in this sample, | will run somévariate regressions to see if there are
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any significant relationships hiding in there. illweed to rerun some of the earlier
regressions using this newly weighted control group
Startup Cost: It is likely that the relationship with startupstdhas changed given

that | am using startup cost to weight the corgroup.

Table 6.4 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.391 .089 49.091 .000
UnadjStartup .014 .004 .278 3.643 .000
a Dependent Variable: LnNetProfitMonthly
Table 6.5 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.337 101 42.747 .000
UnadjStartup .024 .009 465 2.561 .011
UnadjStartupCost2 .000 .000 -.206 -1.133 .259

a Dependent Variable: LnNetProfitMonthly

Indeed it has changed, it is now only a linearti@teship, though still very significant.
Microfranchise dummyktast time we found that microfranchise had joint

significance with startup cost, so | included biatlthis initial regression.

Table 6.6 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.319 .103 42.066 .000
UnadjStartup .014 .004 .270 3.541 .001
MicroFranchiseDummy 153 .108 .108 1.409 161

a Dependent Variable: LnNetProfitMonthly
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We see that microfranchise is not significant. ldaer by itself, it is significant at the

10% level.
Table 6.7 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error B Std. Error
1 (Constant) 4.557 .080 56.671 .000
MicroFranchiseDummy .186 11 131 1.668 .097

a Dependent Variable: LnNetProfitMonthly

This does not bode well for this model, given we rzquired to include both

startup cost and microfranchise to test our hymitheBut there is a chance that

microfranchise will have joint significance with@her independent variable. The most

likely is mobile, because every microfranchise vand mobile. Like in the earlier

example (before matching by startup cost) whereyewgcrofranchise vendor had the

same startup cost, which lead to joint significantwill test that next.

and commercial_market. The greatest disparityvedween these two groups. However

How Sold:Previously we divided businesses into two grougyg, d&iosk _mobile

in this new analysis most all the observationsifdt the kiosk_mobile group, so | will

look at mobile as its own group. By itself, moki#enot significant.

Table 6.8 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.427 .110 40.240 .000
UnadjStartup .015 .004 .289 3.661 .000
Mobile -.067 120 -.044 -557 578

a Dependent Variable: LnNetProfitMonthly

But | believe it will be correlated to the microfichise dummy since all of the

microfranchisees were mobile vendors. Only sonmth@stand-alones were mobile. |
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will also include startup cost as that is a vaeailobile is likely correlated to as well,

and is one we cannot do without in the final regias

Table 6.9 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.395 .109 40.167 .000
UnadjStartup .016 .004 .308 3.934 .000
MicroFranchiseDummy .319 .139 224 2.296 .023
Mobile -.289 .153 -.190 -1.890 .061

a Dependent Variable: LnNetProfitMonthly

We see that mobile does indeed have joint sigmifie with startup cost and
microfranchise, but only at the 10% level. We diad that microfranchise is now
significant at the 5% level. The addition of mebivas important in analyzing
microfranchise, because in general the mobile legsies are less profitable. However
compared to these other mobile businesses, the@fimnchises make more profit.

Business AgeBusiness age is no longer significant.

Table 6.10 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.410 107 41.095 .000
UnadjStartup .014 .004 .270 3.339 .001
Months since
business started? .000 .001 -027 -328 743

a Dependent Variable: LnNetProfitMonthly

This might show that businesses that start fromghiall initial startup don’t
necessarily grow into larger businesses. It mamnbee likely the owners use savings
from this smaller business to eventually inveshim start of a larger new business.
These larger businesses, however, do grow over timieh is why business age was

significant in the overall sample.
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Location of businesd<aneshie is no longer significant either, thoughgrossly

insignificant given the small n.

Table 6.11 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.367 .092 47.569 .000
UnadjStartup .014 .004 .266 3.452 .001
Kaneshie 144 127 .087 1.130 .260

a Dependent Variable: LnNetProfitMonthly

Age at startupThe owner’s age at startup is significant in tlEsple.

Table 6.12 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.893 .239 16.300 .000
UnadjStartup .013 .004 .246 3.199 .002
Age minus years
since startup 022 010 172 2.245 026

a Dependent Variable: LnNetProfitMonthly

Sum of Entrepreneurship Scoientrepreneurship isn't significant, but this

includes both microfranchise and stand-aloneslidtan Table 6.3 we saw it mattered

for stand-alones only. Perhaps this is worth frrihvestigation.

Table 6.13 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.146 314 13.213 .000
UnadjStartup .013 .004 250 3.261 .001
Age minus years since
startup 019 010 148 1.864 064
Sum of Entrepreneurship
score -.041 .033 -.096 -1.240 217

a Dependent Variable: LnNetProfitMonthly
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Past Business Experienddumber of businesses that survived in the last fiv

years is still significant.

Table 6.14 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.879 241 16.114 .000
UnadjStartup .010 .004 .196 2.455 015
Age minus years
since startup .023 .010 .180 2.340 .021
Survivedinyre 516 242 .166 2.127 .035

a Dependent Variable: LnNetProfitMonthly

And the number of businesses ended in the lasiyfaes still is not significant when

included with other variables..

Table 6.15 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.910 244 16.042 .000
UnadjStartup .010 .004 193 2.415 017
Age minus years
since startup .023 .010 176 2.286 .024
Survivedin5yre 502 .243 162 2.063 .041
Endedin5yrs -.083 .098 -.065 -.851 .396

a Dependent Variable: LnNetProfitMonthly

Independent Variables Synopsis for startup costieat:
Summary of each variable and whether it is includethe initial startup cost

matched model:



)
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Synopsis 6.1

Variable InitialTesting | Includeln Comments

Sign(10%) | Regressio

StartupCost yes yes Relationshipingar
BusinessAge no no

Mobile no yes Correlated to startup cost anc

microfranchise (joint significance

Kaneshie no no

FoodVendor no no Correlated to microfranchise
Initial finance method no no

Age at business start yes yes

Entrepreneurship no yes A theory we want to test
Survivedinbyears yes yes

Failedinbyears no no

Marital Status no no

BeyondSecondarySchoal no yes Barely not signifieardi0%
LessThanPrimary no no

Literacy no no

Gender no Excluded all females from sam

initially

D

Microfranchising Matched Regression Results

Up until now I've analyzed both microfranchisingdamicrocredit using the

entire sample of observations. Then | used stardgp matching to define a better

control group to analyze against the microfranchidgecause of the changes in the

sample, | also had to redefine the best model atyae this sample. In the current

section | present the results of this model, a$ agelvell as frequency and case summary

analysis of this “matched” sample.

e



Frequencies

Microfranchise
StandAlone
Microcredit

Frequencies
Microfranchise

StandAlone
Microcredit

Frequencies

Microfranchise
StandAlone
Microcredit

Parsons

Frequencies and Case Summaries:

Results 6.1

MATCHED STARTUP, excluding agents

71

entrepre
n male % food % jeweln % electron % telecom % clothing % neur %
93 93 100%| 89 96% 0 0% 0 0% 0 0% 0 0% 27 29%
83 83 100% 7 8% 10 12% 3 4% 6 7% 35 42% 30 36%
9 9 100% 9 100% 0 0% 0 0% 0 0% 0 0% 8 89%
excluding agents
n mobile % kiosk % shop % market % saving % read % married %
93 89 96% 3 3% 1 1% 0 0% 80 86% 55 59% 33 35%
83 31 37% 41 49% 2 2% 1 1% 56 67% 59 71% 39 47%
9 0 0% 4 44% 4 44% 5 56% 9 100% 9 100% 5 56%
*is possible to have both
MATCHED by Startup, excluding agents
recovered lessthan second beyond
n |startup % primary % primary % junior % ary % secondary %
93 93 100% 4 4% 19 20% 49 53% 20 22% 1 1%
83 77 93% 0 0% 8 10% 46 55% 23 28% 6 7%
9 9 100% 0 0% 0 0% 9 100% 0 0% 0 0%

There is not a drastic change in the distributibthese characteristics presented

in Results 6.1 for the matched sample, excepttiwest of the microcredit borrowers have

been eliminated. It seems the only microcreditdwers that had similar startup costs to

the microfranchisees were also food vendors. CoenfmaResults 5.1. One change of

interest is in entrepreneurship. The microfranehisave the least entrepreneurs and

microcredit borrowers the most. However this fefehip cannot be confirmed given

the small number of microcredit borrowers.

This new “matched” stand-alone group is a muckebebmparison to the

microfranchisees. The mean and median initiatigtacost match almost exactly

between the microfranchise and stand-alone groQpiser characteristics naturally

follow suit. Age at startup is closer, recoverydiis closer, debt is closer, inventory is
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closer (thought still quite different), and netanee is closer. Almost all non- mobile and

non-kiosk vendors are eliminated from the standwlgroup (overlap is allowed).

Results 6.2

Statistics, MATCHED by Startup cost

Ageat  UnadjStart Hours per Recovery Entrepren Net

Business Model Type Age start up day time Debt Savings _Inventory eurship  Income
Microfranchise N Valid 93 93 92 92 80 71 93 92 93 84
Missing 0 0 1 1 13 22 0 1 0 9
Mean 27.06 2349 18.23 1257 114 15.97 1.86 0.00 4.60 133.87
Median 26.00 22.00 20.00 13.00 1.00 0.00 2.00 0.00 500 12576
Std. Deviation 7.330 5220 13635 2.597 1540 84.696 0.349 0.000 1656 68923
Stand alone N Valid 83.17 83.17 83.17 83.17 67.74 82.75 83.17 83.17 83.17 74.49
Missing 0 0 0 0 1543 041 0 0 0 8.68
Mean 33.36 2540 18.12 10.68 281 20.63 167 351.85 410 120.61
Median 31.00 24.00 20.00 11.00 1.00 0.00 2.00 50.00 400 103.01
Std. Deviation 12.869 6.572 14.062 1.818 3.761 117.338 0472  606.630 1580 133310
Microcredit N Valid 8.83 883 8.83 883 8.83 883 8.83 8.33 8.83 4.83]
Missing 0 0 0 0 0 0 0 05 0 4
Mean 36.58 24.64 20.46 10.92 6.64 18113 200 2720.00 570  173.08
Median 35.83 25.00 20.00 10.96 558 11667 200 341667 517 124.37|
Std. Deviation 8.255 1.273 9.470 0.647 5243 118.603 0.000 2529.732 1453 140585

There were also some characteristics that became different between the

groups once matched by startup cost. Less oftémelsalones are food vendors now,

instead there is a greater percentage of clothémglers.

The following chart shows the dependent variaflegomparison against the

Results 5.3. Though it does not limit the analysithose that started with less than 50
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Results 6.3
Statistics for men, weighted by startup cost; no agents
Gross Monthly  Hourly
Profit ~ Net Inventory Profit To Profit To
Unadj margin Monthly Hourly Monthly ROA Startup ~ Startup  Recovery
Business Model Startup Percent Profit Profit Turnover monthly Ratio Ratio time
Microfranchise |N Valid 92 92 84 83 0 0 64 63 80
Missing 1 1 9 10 93 93 29 30 13
Mean 18.23 017 13387 047 6.97 0.02 114
Median 20.00 0.17 12576 043 5.54 0.02 1.00
Std. Deviation 13.64 0.02 68.92 0.26 6.31 0.02 154
Stand alone N Valid 83.17 8100 7449 74.49 4170 4170 57.99 57.99 67.74
Missing 0.00 2.16 8.68 8.68 4146  41.46 25.18 25.18 15.43
Mean 18.12 042 12061 0.49 20.13 5.61 18.28 0.08 281
Median 20.00 040 103.01 0.37 0.34 0.21 4.67 0.02 1.00
Std. Deviation 14.06 026 13331 0.62 36.89 9.70 35.45 0.15 3.76)
Microcredit N Valid 8.83 4.83 483 483 4.00 4.00 4.83 4.83 8.83
Missing 0.00 4.00 400 4.00 483 4.83 4.00 4.00 0.00
Mean 20.46 047 173.08 0.63 0.62 0.48 25.02 0.08 6.64
Median 20.00 048 12437 047 0.62 0.48 6.22 0.02 5.58
Std. Deviation 9.47 0.05 14058 0.47 0.00 0.00 61.19 0.19 5.24|

cedis, it turns out that there are very few obd#raa included with startup costs higher

than 50 because almost all of the microfranchiséresidy fit into that category anyway,

and the rest of the sample were matched to a mérofiisees’ startup cost.

We see that startup matching does a better jobdinaply using all <50 cedi

startups in approximating the microfranchise mdartigp. Both methods result in

medians of 20.

Regression Resultsifitial” model run using the matched sample. Riegser

back to Results 5.6 to compare with the full sametgession.
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Results 6.4
Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.090 .330 12.401 .000
UnadjStartup .009 .004 .184 2.159 .032
MicroFranchiseDummy 286 137 200 2.082 039
MicroCreditDummy 410 .325 .099 1.262 .209
Mobile -.152 .164 -.100 -.928 .355
Age minus years since
startup .020 010 151 1.886 061
Sum of Entrepreneurship
score -.034 034 -.080 -.999 319
Survivedinyre 520 244 .168 2.128 .035
BeyondSecondary -.388 .302 -.104 -1.286 .201

a Dependent Variable: LnNetProfitMonthly

There are several insignificant variables herecrouredit, mobile,

entrepreneurship and beyond secondary. | choadepoall insignificant variables but

the microcredit dummy because we should differémtilae microcredit borrowers, even

if there are only nine of them. The “final” matchenodel yields the following results.

Results 6.5
Model Summary
Adjusted R | Std. Error of
Model R R Square Square the Estimate
1 .404(a) .163 .136 .66687

a Predictors: (Constant), Survivedin5yre, MicroFranchiseDummy, Age minus years since startup,

MicroCreditDummy, UnadjStartup

ANOVA(b)
Sum of
Model Squares df Mean Square F Sig.
1 Regression 13.124 5 2.625 5.902 .000(a)
Residual 67.223 151 445
Total 80.347 156

a Predictors: (Constant), Survivedin5yre, MicroFranchiseDummy, Age minus years since startup,

MicroCreditDummy, UnadjStartup
b Dependent Variable: LnNetProfitMonthly
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Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.714 .251 14.823 .000
UnadjStartup .009 .004 174 2.194 .030
MicroFranchiseDummy 222 .109 155 2.026 .045
MicroCreditDummy 492 314 119 1.564 120
Age minus years since
startup .026 .010 .198 2.583 .011
Survivedin5yre 554 .240 179 2.307 .022

a Dependent Variable: LnNetProfitMonthly

This final matched model regression has much fewatrol variables because

the act of matching by startup cost was a methambofrolling for many characteristics

correlated to startup cost. Microfranchise is gigant at the 5% level and positively

correlated to profit. Results 6.6 compares theassion results for three different

dependent variables.

Results 6.6
MicroFr MicroCr Unadj Age at Survived
Men only, Startup matchecadj. r-sq constant Dummy Dummy  Startup Start in5yr
LnNetProfitMonthly 0.141 3.714 0.2222 0.492 0.009 0.026 0.554
0.00 0.05 0.12 0.03 0.01 0.02
LNHourlyProfit 0.080 -1.72 0.116 0.456 0.006 0.022 0.516
0.00 0.31 0.16 0.13 0.03 0.04
LNProfitToStartupRatio 0.423 2.313 0.004 0.323 -0.06 0.034 0.76
(like ROI) 0.00 0.98 0.39 0.00 0.01 0.01

One thing I've noticed is that microfranchise iswmsignificant to for

LNProfitToStartupRatio (and LNHourlyProfit), but d@mes significant as more and

more variables are added. The adjusted r-squarenifollowing equation is very high

at .666 and microfranchise is significant at théslével, almost at the 5% level.

However we are including many variables that asegimficant.
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Results 6.7 Model Summary

Adjusted R | Std. Error of
Model R R Square Square the Estimate

1 .816(a) .666 .626 .63123

a Predictors: (Constant), MicroCreditDummy, businessmonths2, LessThanPrimary, UnadjStartupCost2,
BeyondSecondary, Kaneshie, Age minus years since startup, Sum of Entrepreneurship score,
MicroFranchiseDummy, Survivedin5Syre, Endedin5yrs, Months since business started?, UnadjStartup

ANOVA(b)
Sum of
Model Squares df Mean Square F Sig.
1 Regression 85.522 13 6.579 16.510 .000(a)
Residual 42.897 108 .398
Total 128.419 121

a Predictors: (Constant), MicroCreditDummy, businessmonths2, LessThanPrimary, UnadjStartupCost2,
BeyondSecondary, Kaneshie, Age minus years since startup, Sum of Entrepreneurship score,
MicroFranchiseDummy, Survivedin5Syre, Endedin5yrs, Months since business started?, UnadjStartup

b Dependent Variable: LNProfitToStartupRatio

Coefficients(a)

Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.126 461 6.777 .000
UnadjStartup -.119 .018 -1.310 -6.670 .000
UnadjStartupCost2 .001 .000 .839 4.420 .000
Months since business
started? .003 .003 162 923 .358
businessmonths2 1.84E-005 .000 .195 1.093 277
Kaneshie -.031 .145 -.013 -211 .833
Age minus years since
startup .005 012 .026 435 .664
Sum of Entrepreneurship
score .019 .041 .030 480 632
Survivedinyre .120 251 .030 479 .633
Endedin5yrs -.026 123 -.015 -.213 .832
BeyondSecondary .837 .939 .054 .891 375
LessThanPrimary .168 435 .022 .386 .700
MicroFranchiseDummy 243 127 118 1.909 .059
MicroCreditDummy .343 .360 .065 .951 .344

a Dependent Variable: LNProfitToStartupRatio
| suspect that if we had a larger sample size, mbtieese variables would be significant

and we could justify including many of them in eoodel.
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C. Microcredit Matched Results

Since the purpose of my research was to look atofnanchising, | do not feel it
necessary to go through the same rigorous prooedgzing microcredit borrowers as
analyzing the microfranchisees. | will leave thienmcredit analysis to future research
that will hopefully include the Bangladesh dataowéver, anyone interested in repeating
the microfranchise matching process with microdrbdirowers in this dataset should
beware of the very small n.
VII. Testing the Hypothesis Business Growth Model

In all this analysis | have not yet addressed Chdrin the hypothesis section.
Given that this is only baseline, we don’t havaiattiata tracking the growth of the
microfranchises versus the stand-alones and mexddsorrowers. The best that we can
do is to try to make some rough comparisons ofrtassies that are the same age. This
ignores business failure rates, but still may yssdhe interesting results. My strategy
was to run the original model with the original sde) dividing the sample by different
business ages. If | had used the startup costegtoontrol group, the sample size

would have been too small to make many meanindfsénvations.
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First, let’s take a look at the business ageidigtion for each group.

Chart 7.1
Business Model Type
Stand alone with
Microfranchise Stand alone microcredit
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We see in this chart that the majority of the besiages in the sample are less than 36

months. Just where in our growth spectrum that paton our hypothetical Chart 2.1 is

uncertain. So first | looked at six months old godnger and ran our regression model.

Then | did it again at one year and got very simigsults. I've only included the one-

year results here.
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Table 7.1

Model Summary

Adjusted R | Std. Error of
Model R R Square Square the Estimate

1 .711(a) .505 .366 .66034

a Predictors: (Constant), Survivedin5Syre, businessmonths2, Kaneshie, MicroCreditDummy,
MicroFranchiseDummy, Months since business started?, UnadjStartup

Coefficients(a)

Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.792 574 6.608 .000
MicroFranchiseDummy .607 .265 .370 2.291 .031
MicroCreditDummy 5.524 9.872 1.159 560 581
UnadjStartup -.001 .003 -.643 -.304 764
Months since business
started? 217 .353 462 615 544
businessmonths2 -.031 .048 -.484 -.648 523
Kaneshie 311 .263 175 1.184 248
Survivedinbyre 776 .379 435 2.048 .051

a Dependent Variable: LnNetProfitMonthly **UnadjStartup2 was dropped by SPSS due to multicollinearity
*there was only two microcredit observations less or equal to one year old

We see that for businesses a year old and youmjengfranchises are more profitable
holding all else constant. As would be expecteohifms in business is not significant for
a sample of such a narrow range of business age#teresting observation though is
that startup cost is not significant here. Thighisfirst time in all of the many
regressions run, that startup cost is not an impoitdicator of profitability. This could
support our hypothesis that it takes stand-alombigh in general have a higher startup
cost, a longer time in business to reach theirmi@kprofitability (at least longer than a
year). It seems that these businesses at on@agdaounger, still have not reached that
point, and therefore the initial investment is pet reflected in the earnings.

As soon as | extended the business age cutofiopasyear, startup cost becomes

significant. However this run will still includdl dusinesses that are under one year of
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age. To show that being a microfranchise is berafat first, but perhaps does not have
the same long run profitability potential as oupbthesis suggests, we would need to
also look at only businesses older that a certatioftage and see if microfranchises
were worse off. This would be reflected by a digant negative beta.

| initially tried running businesses older than gear and found that startup cost
was significant, but microfranchise was not sigrafit at all. | then tried businesses older
than 24 months, 36 months, and 48 months justda tl&ere was an interim period where
the stand-alones and microfranchises were at the paofitability level, and therefore
the dummy would not show significance. Each ttheemicrofranchise beta was not
significantly different from zero. Here I've pestthe regression results for all
businesses older than one year.

Table 7.2 Model Summary

Adjusted R | Std. Error of
Model R R Square Square the Estimate

1 .529(a) 279 .237 .85989

a Predictors: (Constant), Survivedin5Syre, UnadjStartupCost2, Months since business started?, Kaneshie,
MicroFranchiseDummy, MicroCreditDummy, businessmonths2, UnadjStartup

Coefficients(a)

Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.274 179 23.869 .000
MicroFranchiseDummy .165 170 .081 972 .333
MicroCreditDummy .966 273 .282 3.532 .001
UnadjStartup .002 .001 .699 3.153 .002
UnadjStartupCost2 -1.42E-006 .000 -.645 -3.097 .002
Months since business
started? .004 .002 .261 1.729 .086
businessmonths2 -7.08E-006 .000 -.233 -1.560 121
Kaneshie 273 167 123 1.630 .105
Survivedinbyre 557 .218 191 2.555 .012

a Dependent Variable: LnNetProfitMonthly
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These results support the idea that microfranshase most beneficial in
increasing profits in the early business stagedoés not support that they are less
profitable in later business stages, but rathewsto statistical difference. However, our
sample gets sparser the further months one goesAd&, our model doesn't take into
account that many business owners my leave theli@enbusiness and start a new larger
one once they've saved enough, rather than simplyigg their initial business.

VIIl. Conclusion

This concludes only a small portion of the possilgisearch obtainable from this
dataset and there are many issues that need fsttltgr. Once the Bangladesh data is
added, and follow-up surveys can be administerenlgate a time series, more
conclusive evidence may be presented. Howevepjtédhis only being a baseline
study, there have been some interesting obsergagibout the Fanmilk microfranchises
in Accra, Ghana. First of all, these microfranebiseach a poorer segment of the
population than microcredit. Not only are the mafcanchisees poorer, but they are also
younger, male, less likely to be literate or haighér education, more likely to be single
and have less business experience.

The microfranchise dummy has been shown to besstatly different from a
control group of stand-alones in determining prafitether matched by startup cost or
not. The microfranchise dummy had a positive iefeship to profit, although this
relationship disappeared once the number of hoarked was considered. Also, this
significant positive relationship seems to exidiyan the first year of business and these
microfranchises don’t show a relationship betwesgidippand business age; both

observations support the hypothetical business throvodel.
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Other variables that are also significant in explag small Ghanaian business
profitability are startup cost, business age, germ@ner’s age at start, business
experience, microcredit use and higher educatidrere are also other characteristics
that indirectly effect profitability through thaielationship with startup cost.

In conclusion, there are some preliminary reshiés do show microfranchising
as being a beneficial business model for addresbmgoor’s lack of access to formal
sector jobs in Accra, however this is only the bhagig and much further research is
needed to determine if microfranchising can beragiahe poverty solution.

IX. Suggestions for further research

« Do matched-control group analysis for microcreditrbwers using Ghana
dataset.

« Analyze relationships having to do with entreprasbip, business success and
business experience.

* Reevaluate once Bangladesh data is added to béodblak at microfranchises
other than Fanmilk. Perhaps it will then be pdssib use propensity score
matching to create a good control group.

* Reevaluate once longitudinal data is collected.

« Analyze household expense data.

* Look at different models for ROA and inventory taver dependent variables as

the models presented here really only seem to Yewrket profit and ROI.
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Appendix A: Business Terms and Ratios

Balance Sheet: The financial statement that stadveassets and debts of a business at a
single point in time. Itis like a snapshot of wttee business looks like. The “balance”
is that Assets=Liabilities+Equity

Gross Profit = Revenue — Cost of Goods Sold (bedtiter operating expenses);
calculated using sales*gross profit margin. [f peeson gave a “profit” number, but not a
sales number, it was determined if this profit wgmass or net by looking at daily profit
(C33) and inputs (C32) questions; e.qg. if profiptts, it must be net not gross if person
reports they have positive income from businesmniilk agents and vendors that gave a
“profit” number were giving the commission earnedhich is gross profit. Almost all
non-Fanmilk “profit” numbers reported were obviguskt of all inputs.

Gross Profit Margin - =Gross Profit/Revenue Not vapplicable to service industry
(=1); calculated using costs and sales prices weighy units sold given in questionnaire
C20-C26.

Inventory Turnover= COGS/avg inventory; it is momrect to use COGS than sales
Income Statement: The financial statement thaivshail transactions over a certain
period of time (usually a year or a quarter, in cage, two weeks) and their effect on
income. The income statement tracks all revenndseapenses and the resulting net
income.

Net Income =Operating income — other expenses staxé¢his case Net
Income = Operating Income

Operating Income = Gross Profit — operating expgnse
Recovery Time: Time it takes to earn back in gsafe initial startup cost or investment.
Return on Assets= Gross Profit/Assets

Startup Cost : All initial outlays required to sthusiness. The initial investment. (e.g.
Inventory, cost of kiosk, fees)



Parsons

Appendix B: Further Independent Variable Regressions

vary depending on the product being sold. Therefeeemay find that income is also

Full Sample

Product categoryPrice and profit margin, two factors key in deterimg income,

correlated to the product being sold. Initiallgith were many categories listed as options

on the questionnaire. So many, in fact, that nogmi regression with all of them resulted

in no significant category. Because all of therhilk microfranchises were food

vendors, we mainly care about if the product, fasdtatistically different than other

categories in explaining profit. We see that nag. Even before accounting for startup

cost it had a p-value of 0.20.

Table aB-1
Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.681 .100 46.979 .000
UnadjStartup .001 .000 .661 4.546 .000
UnadjStartupCost2 | -6.90E-008 .000 -414 -2.872 .004
FoodVendor -.024 131 -.011 -.182 .856

a Dependent Variable: LnNetProfitMonthly

Initial finance methodt would not expect financing method to effect

income because it is the startup quantity thatlshaatter in determining profit, not the

method in obtaining it. Especially because werditlask for or include interest

payments in calculating business income, so tharald be no obvious effect of using

credit. Personal funded is the omitted variable.
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Table aB-2 Coefficients(a)
Unstandardized Standardized
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.701 .086 54.633 .000
UnadjStartup .001 .000 618 3.936 .000
UnadjStartupCost2 | -5 95E-008 .000 -.366 -2.354 .019
FamilyFunded -137 .160 -.053 -.856 .393
MicrocreditFunded -.029 451 -.004 -.065 048
otherfunding 763 .308 153 2.476 .014

a Dependent Variable: LnNetProfitMonthly

We see that compared to funding the startup ofsinbas yourself, neither
familyfunded nor microcreditfunded are statistigallfferent. Granted, we must realize
that we were only able to find eight people who hadd microcredit to actually start
their business. Microcredit was more commonly usefdind a business already in
existence. Otherfunding is significant, but itlimes only 12 observations. This
regression is really onipeaningful for discovering a difference betweerspeal
funding and family funding, and one could argue thee’s family’s funds are not much
different than one’s personal funds. Therefordn hot feel the need to control for this

variable.

Marital Status:Can marital status effect profitability? Our sdenjpoked like

this:
Table aB-3 Marital status
Cumulative
Frequency Percent | Valid Percent Percent
Valid married 126 42.0 42.1 42.1
cohabitating 15 5.0 5.0 47.2
divorced 18 6.0 6.0 53.2
widowed 9 3.0 3.0 56.2
single, never married 131 43.7 43.8 100.0
Total 299 99.7 100.0
Missing ~ System 1 3
Total 300 100.0

| decided to analyze whether being married wasdicator of profitability.
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Table aB-4 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.647 .087 53.401 .000
UnadjStartup .001 .000 .659 4.590 .000
UnadjStartupCost2 | -6.90E-008 .000 -414 -2.896 .004
Married .056 131 .026 426 670

a Dependent Variable: LnNetProfitMonthly

Being married is not significant and adding it atfyidecreases the adjust r-squared. | do
not have a theory of marital status influencingitess profitability, so | will not include
this variable.

Education: The education system in Ghana is set up witblsegprimary, junior
secondary, senior secondary and then post-secoimditytions such as university.
According to the World Bank’s on-line country dadab 72% of the relevant population
completed primary school in 2005. Currently 88%haf relevant population is enrolled
in primary, while only 37% are enrolled in secorndand 2.8% post secondary. Thisis in
line with the distribution in our sample, which siwthat only about one third of those
that finished primary school could be expecteddmn to complete secondary school
(100/283). Analysis of this variable required adesable thought, as many assumed
relationships between education and income werelbus in this sample.

Dropping JuniorSchool

Table aB-5 Coefficients(a)
Unstandardized Standardized
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.693 .096 49.028 .000
UnadjStartup .001 .000 597 4.180 .000
UnadjStartupCost2 | -6.52E-008 .000 -.391 2.772 .006
LessThanPrimary -.483 .276 -.105 -1.748 .082
PrimarySchool -.069 192 -.022 -.361 718
SecondarySchool -.064 .154 -.026 -416 678
BeyondSecondary 622 .252 .155 2.466 .014

a Dependent Variable: LnNetProfitMonthly
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An initial analysis shows that there is no stataly significant difference between

graduating from primary school or secondary scleo$us junior school. We see that
there is a very significant negative effect of figishing primary school and a positive
effect of going beyond secondary school. Thesedategories may also be viewed as a
reflection of socioeconomic status. Only childfem the poorest backgrounds would
not attend at least primary school, and only yoaglts from a more elite background
would be able to go on to university. We would ecthen that this would be reflected
in the amount of capital an individual started wiffthose who didn’t finish primary
school, were likely the poorest, and likely startéth the least money, and just the

opposite for those with.

Table aB-6 Coefficients(a)
Unstandardized Standardized ]
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 139.056 60.512 2.298 .022
LessThanPrimary -70.031 190.155 -.021 -.368 713
PrimarySchool 133.469 129.076 .061 1.034 .302
SecondarySchool 12.252 102.929 .007 119 .905
BeyondSecondary 733.984 156.396 274 4.693 .000

a Dependent Variable: UnadjStartup

However, we see that beyondsecondary is the oplypgwith a significant
relationship to startup capital. So the group tzet education beyond secondary is truly
of a different status economically than all othdrewever, it is difficult to come to any
conclusions based on this information because we parposely targeting businesses
with low startup costs in our sample. This meaashave not allowed much variation in
startup cost, so there may still be a strongetiogighip between economic resources and
education (which would indicate a social class)limsides from simply the
“beyondsecondary” group, but our sample will naistit.

One would maybe think that beyondsecondary is ardignificant indicator of

profit because these people have more initial ahgiiin others. The following
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regression shows this is not the case. Even whetatling for startup capital,

beyondsecondary is still significant.

Table aB-7 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.632 .071 65.375 .000
UnadjStartup .001 .000 .605 4.257 .000
UnadjStartupCost2 | -6.64E-008 .000 -.398 -2.830 .005
BeyondSecondary 679 .243 .169 2.791 .006

a Dependent Variable: LnNetProfitMonthly

Perhaps there is a difference in education’s effedincome based on what type
of business you are in. I'd expect the successaifile vendors to have little to do with
their level of education, whereas someone whoriging a larger business may benefit
from additional education. We should be able ®thés interaction by running the
income/education regression separately for eagyosat of business (kiosk, mobile, etc).
These regressions did not reveal any new informatldowever, a binary logit regression
with the dependent variable as the type of busitiesesk_mobile/ commercial_market),
and the independent variables as education, did #tat attending secondary school and
beyond was statistically significant in determinthg type of business entered when
compared to Junior school alone. People withciS#ary school education and beyond
are more likely to own businesses in a traditionaftket or own a commercial store.

In conclusion, even after including other contratiables not shown here, our
sample does not show an indication that educatibr than less than primary, or more
than secondary, determines profitability of a besm This is likely because the
businesses we targeted were almost all purchasiodsgor resale on a very small scale,
and it may just be that level of education is rotedevant for sales, a non-professional
line of work. Another option is that perhaps legekducation achieved is not indicative

of quality of education received. | will evaludtés next.
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Literacy. According to the World Bank’s on-line countrytalbase, Ghana has

an adult literacy rate of 57%. In our survey sanpi% said they could read a
newspaper and write a letter in English withoupheAll beyondsecondary cases were
literate, making its standard error uninterpretabig the significance of the other
variables remains even if beyondsecondary is dichpBelow we see that level of
education achieved is very significant in explagniiteracy.

Table aB-8 Model Summary

-2 Log Cox & Snell | Nagelkerke R
Step likelihood R Square Square
1 300.639(a) .255 .351

a Estimation terminated at iteration number 20 because maximum iterations has been reached. Final
solution cannot be found.

Variables in the Equation

B S.E. Wald df Sig. Exp(B)
Step  LessThanPrimary -2.475 776 10.189 1 .001 .084
1@ primarySchool -1.628 404 16.232 1 .000 196
SecondarySchool 1.463 .395 13.697 1 .000 4.319
BeyondSecondary 20.673 | 8038.594 .000 1 998 9513733122’
Constant .530 173 9.353 1 .002 1.698

a Variable(s) entered on step 1: LessThanPrimary, PrimarySchool, SecondarySchool, BeyondSecondary.

So we see that education is a powerful indicatahility to read. So does ability to read

effect profitability?

Table aB-9 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.705 113 41.720 .000

Can you read a

newspaper without

not match survey)

a Dependent Variable: LnNetProfitMonthly
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Table aB-10 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.593 .109 41.968 .000
UnadjStartup .001 .000 .655 4,586 .000
UnadjStartupCost2 | -6.83E-008 .000 -.410 -2.872 .004
Can you read a
newspaper without
help? (numbers do .120 134 .053 .897 371
not match survey)

a Dependent Variable: LnNetProfitMonthly

Literacy is not significant by itself nor once $tgr cost is added to the regression.
In fact it seems there is a lot of overlap betwstantup cost and literacy, causing literacy
to lose so much significance.

Matched Sample

Product being soldThe foodvendor relationship was similar to beforehed by
startup cost. By itself it's significant, but I@ssignificance when microfranchise is added
due to collinearity. Please see CorrChart.

Initial financing method: Same as before. See Table aB-2.

Marital Status:Marital status is not significant.

Table aB-11 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 4.233 114 36.991 .000
MicroFranchiseDummy .189 110 133 1.722 .087
MicroCreditDummy 468 321 113 1.459 147
UnadjStartup 014 .004 271 3.552 .001
Married .146 112 .099 1.302 195

a Dependent Variable: LnNetProfitMonthly

Education:Education is not significant although beyondseeopds almost

significant at the 10% level. Therefore | will lgethat in the regression.
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Table aB-12 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.881 .243 15.943 .000
UnadjStartup .010 .004 .196 2.447 .016
Age minus years
since startup .023 .010 179 2.317 022
Survivedin5yre 515 .243 .166 2.118 .036
LessThanPrimary -.020 .383 -.004 -.052 .958
a Dependent Variable: LnNetProfitMonthly
Table aB-13 Coefficients(a)
Unstandardized Standardized )
Coefficients Coefficients t Sig.
Model B Std. Error Beta B Std. Error
1 (Constant) 3.963 .245 16.174 .000
UnadjStartup .008 .004 164 2.010 .046
Age minus years
since startup 022 .010 167 2.178 .031
Survivedin5yre 556 242 179 2.292 .023
BeyondSecondary -.469 .290 -.126 -1.617 .108

a Dependent Variable: LnNetProfitMonthly

Literacy: Like before, literacy is not significant. See TeahB-10.
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Appendix C: Ghana Quarterly CPI, 1985-2006

Quarter CPI Quarter CPI Quarter CPI
Q1 1985 2.5 Q11993 15.4]  |Q1 2001 122.3
Q2 1985 2.6 Q2 1993 16.5| |02 2001 132.1]
Q3 1985 2.6 Q31993 17.1]  |Q3 2001 137.2)
Q4 1985 2.7 Q4 1993 17.50  |Q4 2001 140.1]
Q1 1986 3 Q11994 18.8)  |Q1 2002 144.4
Q2 1986 3.2 Q2 1994 20 |Q2 2002 150.9
Q3 1986 3.2 Q31994 212l  |Q32002 155.2)
Q4 1986 3.5 Q4 1994 23] Q42002 159.8
Q11987 4 |011995 26.1  |Q12003 180.8
Q2 1987 4.6 Q2 1995 31.1  |Q22003 195.9
Q3 1987 4.7 Q31995 359  |Q32003 198.4
Q4 1987 4.8 Q4 1995 39.2l  |Q4 2003 198.1]
Q11988 5.4/  |Q11996 437 |Q12004 206.9
Q2 1988 6.1 Q2 1996 48] |02 2004 218.3
Q3 1988 6.2 Q3 1996 50 |Q32004 223.4
Q4 1988 6.2 Q4 1996 522l  |Q4 2004 222.2
Q1 1989 6.8 Q11997 56.9  |Q12005 236.1
Q2 1989 7.5 Q2 1997 62|  |Q2 2005 253.7
Q3 1989 7.6 Q31997 64.2l  |Q32005 256.6
Q4 1989 7.9 Q4 1997 61.9  |Q4 2005 256
Q1 1990 9.1 Q11998 65.8  |Q12006 264.7
Q2 1990 10.2 Q2 1998 733 |Q22006 279.2
Q3 1990 10.7 Q31998 732l |Q32006 285.2
Q4 1990 10.9 Q4 1998 72l |Q4 2006 282.8
Q11991 11.6 Q1 1999 755 |Q12007 282.8
Q2 1991 12.2 Q2 1999 80.6/  |Q2 2007 282.8
Q31991 12.2 Q3 1999 82.1  |Q32007 282.8
Q4 1991 12.2 Q4 1999 81.4

Q1 1992 12.5 Q1 2000 86.8

Q2 1992 13.3 Q2 2000 95.7

Q3 1992 13.6 Q3 2000 104.2

Q4 1992 13.8 Q4 2000 113.4

InternationalFinancial StatisticsSept2007
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Appendix D: MicroFranchisee/Stand-Alone Business Questionnaire

BYU Economic Self-Reliance Center
Preliminary Information:
>AA1< Tracking ID number:
>AA2< Interviewer's Name:
>AA3< Translator Name:

>AA4< Date:
>AA5< Beg Time: am/pm
>AA6< End Time: am/pm

>AA7< Country:
>AA8< Region or City:
>AA9< Area (or District) where interview takes plece:
>AA10< Business street address:

>AA11< Business Model Type: Microfranchise  Mirofranchise w/MC Stand-Alone StandAlone
>AA12< If Micro-credit, name of MFI:

>AA13< Association Member: Yes / No Name of Assiation

>AAl4< Place of Interview:
>AA15< Language of Interview:

[Interviewer Reads the Following]
Thank you so much for meeting with me.

My name is . | come from Brigh¥oung University in the United States. | am
interviewing about 300 businesses owners in GhareiBladesh/Guatemala/El Salvador. The purpose ofbthi
study is to better understand how businesses wie—for example | will ask questions about your finess
background, about how you manage your business, abdut your business successes and challenges. We a
compiling this information to help economic develmgnt in Ghana/Bangladesh/Guatemala/El Salvador.

This interview should take about 30 minutes. Théarmation you provide will be kept completely coéintial
and will not be shared with the government. Yoursavers will be combined with the answers of manyesth
business owners, so nothing you say can harm yoyaur business, cause your taxes to increase orthimg

like that.

OK? Can we begin?

** Do not ask. Instead observe and record answer.

What is your name?
>Al< Name:

>A2< Do you own this business?
1. Yes
2. No

>A3< **Gender
1. Male
2. Female

>A4< How old are you?
Years:

Now | am going to ask you a few questions abousthurrent Business (Microfranchise/Startup busingss

>C1< How long has your business been in operation?
Months:
>C2< What was the initial startup cost of thisihass? Probe e.g. Land, rent, products, overhead,
transportation, what items did they need, etc)
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Initial cost (Local currency)

>C3< s this business your household’s primarye®wf income? A household is a single person,gnoap of
people who live under the same roof, combine tinemmes and assets. A household member is someone
who has lived in the household for at least 6 meotver the last year.
1. Yes
2. No

>C4< Where do you sell your product(s)? (Circletladit apply)

Home(inside)

Home(outside)

Industrial site

Traditional market, rotatin@nly certain days of week or month)
Traditional market, permanent

Commercial district shop

Roadside - kiosk

Mobile

Other:

CoNokwdE

***Do not ask if at site of business. Only askriterviewee if not at site of business.

>Cb5< ***Category of businesgircle all that apply
1. food vendor
2. jewelry vendor
3. electronic vendor
4. telecommunications
5. clothing
6. other

>C6< ***More Detailed description of busineé®cord anything of special inter@st

>C7< Does your business.? (Circle all that apply)
1. Manufactures goods to sell
2. Purchase goods for resale
3. Offer services

>C8< During the past year have you had any papl@&mees? By year we mean the last 12 months.
1. No
2. Yes

>C9< Do any of your family or friends work in yobwsiness?
1. No [If No, skip to >C11<]
2. Yes

>C10< If yes, are they paid?
1. No
2. Yes

>C11< How many days per month does your busingsally operateProbe and ask how many days do they
take off per month for various reasons (funeralsldcen, holiday, sickness, weather...).
If answers in days per week, write response here:
a) Days per month: b) Days per week:

>C12< Specifically, during thiast 2 weeks, for how many days did your business ¢per&y two weeks we
mean the past 14 dayBrobe if you think answer is generalized and netHfc to the last two weeks.
Days business operating (2 weeks)

>C13< On average, how many hours per day doeshuminess operate?
Hours per day

If this person has no employees or family/friendssésting in the business, > skip to C16<
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>C14< During the past two weeks, how many daysagek didyou spend working on your business?
Days

>C15< During the past two weeks, how many hoursyesk didyou spend working on your business?
Hours

>C16< Have you recovered your initial startup ce®
1. Yes
2.No [If No, skip to >C18<]

>C17< If Yes, how soon after starting your businesl you recover your initial startup costs?
Months:

>C18< If No, how much of your initial startup co$iave you recovered?
Percentage: %

>C19< How did you finance the initial startup bistbusiness? (Circle all that apply)
1. Personal funds
2. Spouse

. Family (excluding spouse) & Friends

. Microcredit (e.g. credit union association)

. Formal banking system (e.g. Eccobank, Barclays)

. Credit with supplier (e.g. up front cost paid, fconsignment)

. Informal money lender

. Other:

O~NOOTh W

>L.1< Have yoleverreceived a formal business loan? If so, how logm&as your first business loaN®t
including credit with suppliers.
1. Never Received
2. Received, Months

>L2< How many loans do you currently ha\&th informal and formal, not including credit wisuppliers.

>L.3< What is your current total business indebtednecluding credit with suppliers and formal Isean

> 4< Do you have any saving, both informal and falPn
1. Yes
2. No [If No, skip to >C19<]

> 5< What is your total current savings?

>L6< How long has it taken you to save this amount?

Now I'm going to ask about the things that you sell

>C20< What do you § >C21< Hoy >C22< >C23< W >C24< Sell unij >C25< How | >C26< How man

most of? much does| What unit ¢ unit do yq purchase unié.¢ do you usual| do you sell on an
you to puch measure d{ sell in? | how many slicg each unit forp average day?
this item purchase t (units) can you

item in? per yam

a a a. a a a. a.

b b b. b b b. b.

c c C. c c C. C.

d d d. d d d. d.

>C27< Specifically, during thiast two weeks, has your household consumed any goodstfris business
1. No

2. Yes, if Yes what was the coftfobe if needed and use answers to C21 and CB2lpoget answer.
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Local Currency

>C28< During the last year, for how many montlsyur business operate?
Months:

>C29< During the months that your business wagpgrations, were sales high, average, low or neead
months to interviewee and record response.

Jan Feb Mar Apr May Jun Jul Aug Sep Oct] No De¢

a. b. C. d. e. f. g. h. i j K. l.

>C30< During any average month, what were yourage sales to customers in that morh@be further if you
suspect they are reporting profit and not grosgsal
If answer in weeks, write response below:
a) Monthly sales (Local Currency) bPUly Sales (Local Currency):

If interviewee, after probing, is unable to repgrbss sales but able to report profit, record here:
If answer in weeks, write response below:
c)Monthly Profit (Local Currency) d)Weekly Profit (Local Currency):

>C31< During thedast two weeks, how much were your sales to custonfersBe further if you suspect they are
reporting profit and not gross sales or if resposseinds general and not specific to last two weeks
a)Two weeks sales (Local currency):

If interviewee, after probing, is unable to repgrbss sales but is able to report profit, recordéne
b) Two weeks Profit ( Local currency):

>C32< During the last two weeks, how much have gent on inputs? (labor, raw materials, itemgdsale,
transport, electricity, water, fuel, rental, maimace, insurance, et©perating Costs

C32a —rent Local currency
C32b - labor Local currency
C32c — raw materials Local currency
C32d — items for resale Local currency
C32e — transportation Local currency
C32f — electricity & water Local currency
C32g — fuel Local currency
C32h — maintenance Local currency
C32i — Other: Local currency
Total Inputs: ==========) Local currency

>C33< On average, how much money is usually ket after daily business expenditur@sily profit
Local currency

>C34< What is the value of your current inventory?
Local currency

>C35< If you did not buy any further inventory vinanany days would your current inventory last?
Days:

>C36< How often do you purchase new inventory?
Days:

>C37< How difficult is it for you to purchase némwentory?
1. Very difficult
2. Somewhat difficult
3. Neither difficult nor easy
4. Somewhat easy
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Now I'm going to ask about your business assets Not including inventory (seeC34)

>C38< How much could you sg >C39< Do yq
for? own or do yo
share?
o/s
Local Currency:
Land a. a.
Buildings b. b.
Equipment/Machinery C. C.
Furniture d. d.
Tools e. e.
Large vehicles(cars, etc) f. f.
Small vehicles(bikes...) g. g.
Other durable goods h. h
i. i
Total Assets (not induding j. j
inventory)

>C40< Why did you choose this business and whyadothink it is successful?

XV

>C41< What are the top challenges for your busifes

Now | am going to ask you a few questions about ymicrofranchise. (for microfranchise only)

>M1< If you had not started your businessgrofranchisg, what would you have done for income?
1. Worked as an employee in an existing familgibess
2. Worked as an employee in an established &sine
3. Started a new business

4. Other:
>M2< Do you pay fees to (theofianchisor) to operate your business?
; $gs, if “yes,” how much in local currency
>M3< Do you have a contract with e (thicrofranchisor)?
1. No

2. Yes, If “yes,” how long is contract

>M4< What do you get from the microfranchisor?r¢f& all that apply)
1. manuals

. training

. mentoring

. central purchase

. monitoring / evaluation

. advertisement / marketing

. Other:

~NO O~ WN
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Now | am going to ask you a few questions about iybusiness experience and interests.

>B1< Have you had any formal business training?
1. Yes
2.No [Skip to >B5<]

>B2< If yes, for how long?

>B3< What kind of business training did you reeéiv

>B4< Who provided your business training?

>B5< How many businesses have you owned in thdilesyears?

>B6 & B7< What types of businesses were thesePfaaturing, services, or goods for resale)

>B6< Nature of Business >B7< Sitill in Operation2siNo
a. Business #1 a.
b. Business #2 b.
c. Business #3 C.
d. Business #4 d

>B8< Would you prefer to:
1. operate your own business, or
2. work as an employee for an established compay security, petrol station....?

>B9<  Why?

Choose the most accurate description of yoursekédah of the following questionB¢ not give more than 5
minutes to answer rest of B questions)

>B10< Can you: (choose one)
1. raise money for a business if you didn’t hameugh, or
2. provide an investor with a lot of very gooéas for a new business.

>Bll< Canyou:
1. often see opportunities for your plans tamih those of other people, or
2. rarely find that results match what you expect

>B12< You are more:
1. action oriented, or
2. accuracy oriented.

>B13< You want things:
1. open to possibilities, or
2. settled and decided.

>B14< You have:
1. enormous drive, or
2. high respect for service, generosity, and loagm
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>B15< You are more comfortable in:

1. new situations, or

2. familiar territory.

>B16< When confronted with a new business probtemcan:
1. recall quite vividly the details of similatgtions you know about, or
2. usually figure out what to do, even if it i thial and error.

>B17< You are more:
1. aware of many new business situations, sonehvgucceeded, and others which
failed, and why, or
2. familiar with your own affairs, but keep up business in general.

Now | am going to ask you a few questions about ss®if. (Specify language by country)

>A5< Can you read in without help? LikeesvspaperUse official language of country
1. Yes
2. No

>A6< Can you write in without help? Likéetter to someonéJse official language of country.
1. Yes
2. No

>A7< Can you do simple math without a calculat@tbtraction, division, multiplication & division)
1. Yes
2. No

>A8< What is your highest level of educatidfiid and use equivalent school levels for counfrguwvey.
1. Primary
2. Junior
3. Secondary
4. Beyond secondary school

>A9< Are you:
1. married
2. cohabitating, living with a partner (non-spouse)
3. divorced
4. widowed, or
5. single, never married

>A10< Including yourself, how many people are in your househdl#ine household at this point.f
Number in household:

>A11< Including yourself, how many individuals earn income for your housé®o

>A12< Including yourself, what is the average combined daily income oéathers in your household?
Local currency:

>A13< How much does your household usually sgerdveekfor buying food?
Local currency:

>Al14< How much did your household spend in théyasr on clothing and shoes for everyone in tbisskehold
(excluding uniforms for school)?
Local currency:

>A15< How much does your household usually spexth enonth on Rent and Utilities (i.e., electriciphone,
water - including purchased drinking water - sewaige trash collection, etc.)?
a) Rent (Local currency): portion of rental allocated to household
b) Utilities (Local currency):
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We would like to follow-up with you in the futureotsee how you are doing. We know that sometimeplgemove. Could
you please give us your contact information as wasltwo other people who always know how to contaxt. We will
ONLY use this contact information to locate youyibu move.

Nickname:
Formal Name:
Street Address:
Apt No.
City: Country:
Home Phone No.

Cell Phone No.

Name of Person #1:
Street Address:

Apt No.
City: Country:
Home Phone No.

Cell Phone No.

Name of Person #2:
Street Address:

Apt No.
City: Country:
Home Phone No.

Cell Phone No.

Thank you for your time today!




